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Abstract
I evaluate the subsidized default insurance policy (implemented through the guaran-
tee for Government-Sponsored Enterprises, GSEs) in the U.S. mortgage market both
empirically and theoretically. Empirically, I find that the subsidy has raised mortgage
interest rates for all loans strictly eligible for the subsidy (conforming loans), which is
contrary to conventional wisdom. I do so by applying regression discontinuity designs
and using the exogenous variation in mortgage rates generated by a mandate of U.S.
Congress. My empirical strategy circumvents the endogeneity problem in conventional
studies. Then I set up a screening model with asymmetric information, which explains
my empirical results. Moreover, the model implies that the subsidy has hurt borrowers
it was intended to help, even without considering the higher tax burden imposed on
borrowers to finance the subsidy. The observed positive jumbo-conforming spread can
also be explained by the model through incentive compatibility constraints associated
with asymmetric information. My paper cautions regulators against interpreting the
observed jumbo-conforming spread as an indication that the subsidy necessarily de-
creases mortgage rates and benefits conforming borrowers. Moreover, the paper shows
that the subsidy raises household leverage, increases mortgage default rate, and ulti-
mately undermines financial stability, calling for deeper housing finance reforms in the
U.S. beyond the Dodd-Frank Act.
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It is widely believed that the subsidy through Government-Sponsored Enterprises’ (GSEs) mort-
gage default insurance has decreased mortgage interest rates and benefited homebuyers in the
U.S. The evidence frequently cited to support this conventional wisdom is the observed “jumbo-
conforming spread:” mortgage loans which are just below the specified loan size limit and eligible
for the subsidy (conforming loans) have a discontinuously lower interest rate than those just above
(jumbo loans).
In this paper, I examine two questions surrounding this conventional wisdom. First, does the
observed jumbo-conforming spread necessarily imply that the subsidy has decreased the interest
rates of conforming loans, as policy makers intended when creating Fannie Mae in 1938? Applying
regression discontinuity designs to loan-level data, I find that the opposite result actually holds,
and I set up an asymmetric information theoretical model to interpret my empirical result. The
model illustrates that my result is driven by the mortgage lender’s strategic responses to the
subsidy policy, including the lender’s moral hazard and rent-extraction motive.
Second, does the subsidy improve the welfare of borrowers who qualify for the subsidy? I show
that it does not. To the contrary, my model predicts that the subsidy decreases the welfare of these
borrowers, even without taking into account the increased tax burden needed to finance the subsidy
or the negative externality imposed by the increased mortgage defaults. The reason is that the
subsidy, by providing the lender with a “safety net,” induces the lender to behave opportunistically
and to more aggressively “exploit” borrowers.
The contribution of my paper is twofold. My main empirical contribution is: I show that the
supporting evidence for the conventional wisdom is subject to an endogeneity problem. This is
because the subsidy policy is implemented in terms of the loan size, which is endogenously chosen
by the borrower and thus is affected by the subsidy policy. Hence, it is possible that the subsidy
has increased the interest rates of both the conforming and jumbo loans, but increased the jumbo
loans by a larger amount so that we can still observe the jumbo-conforming interest rate spread
(see Figure 1). To circumvent this problem, I instead use the exogenous variation in interest
rates generated by a mandate issued by U.S. Congress in 1992, which is the “special affordable
goal” (SAG) targeted at relatively poor borrowers. Since this mandate is implemented in terms of
borrowers’ incomes, which are unlikely to be manipulated by borrowers of GSE-insured loans, my
empirical strategy provides a relatively clean way to identify the causal effect of the subsidy on
interest rates. Using various time-to-default models, I also find that the subsidy raises mortgage
default rates, which serves as auxiliary supporting evidence for my model’s predictions.
My theoretical contribution is: I highlight the importance of accounting for the lender’s strate-
gic responses while designing the mortgage subsidy policy. I do so by introducing a model with
asymmetric information to the literature on the GSEs’ subsidized default insurance. Indeed, my
model shows that due to the mortgage lender’s moral hazard and rent extraction motive, the
subsidy has raised mortgage interest rates and lowered the welfare of eligible borrowers, both in
contrast to policy makers’ intention. Moreover, the observed jumbo-conforming spread is simply
a result of the incentive compatibility constraints associated with asymmetric information, rather
than an indication that the subsidy has lowered the interest rates of conforming loans. A stand-
alone prediction of my model is that the subsidy poses a threat to financial stability. Specifically,
the subsidy raises household leverage, makes the household more susceptible to adverse macroe-
conomic shocks and thus increases the aggregate default rate, ultimately undermining financial
stability.
The paper has two policy implications. First, on financial regultion and financial stability, the
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Figure 1: Illustration of Endogeneity
The dotted line represents the counterfactual schedule of the equilibrium interest rate and loan size
without the subsidy/intervention. The introduction of the subsidy may have increased the interest
rates both to the left and to the right of the subsidy eligibility cutoff (conforming loan limit, CLL),
but increased the right by a larger amount. The red arrow on the horizontal axis represents the
potential self-selection by borrowers. Note that the slopes of the lines in this figure are for illustration
purpose; for more precise representations of the actual equilibrium, see Figure 9.
Editorial comment: Color should be used for any figures in print.
paper cautions against interpreting the observed jumbo-conforming spread as an indication that
the subsidy has decreased interest rates, benefited conforming borrowers, and enhanced financial
stability. It also calls for deeper housing finance reforms in the U.S. because Dodd-Frank Act
still maintains the substantial government support as in the pre-crisis period. Second, on macro-
financial surveillance, the paper highlights the importance of replacing the existing government-
backed mortgage insurance system with a well-regulated private system, because the existing
system imposes a fiscal burden on the government, increases financial fragility, and even hurts
borrowers it was intended to help. This is in a similar spirit to the policy recommendation made
in the 2014 Financial Sector Assessment Program by the IMF. It is also consistent with Australia’s
privatization experience in 1998. Plausible policy measures to transmit to such a private system
include the lender risk sharing program as in Hong Kong (Canada is also actively considering such
a program).
Motivation and institutional background. On September 6, 2008, the U.S. federal govern-
ment committed to invest as much as $188 billion through 2009 to keep the GSEs solvent. This
amounted to about 1.3% of U.S. GDP in 2008. Indeed, as the New York Times (09/08/2008) wrote,
it was “the biggest and costliest government bailout ever.” As summarized by Frame, Wall, and
White (2013), this bailout has sparked many debates about the role of the federal government in
the housing finance system, with opinions ranging from no role at all to insuring against all credit
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losses. To shed light on these debates, it is important to understand the positive and normative
effects of the subsidy to the housing finance system introduced through the government’s backing
of the housing GSEs.
In simple terms, the subsidy works as follows. Banks as a whole (consolidated to a single entity,
referred to as “bank”) provide loans to borrowers in the primary mortgage market.1 If the loan
amount is below the pre-specified conforming loan limit (CLL) (being a “conforming loan”),2 then
it is eligible to receive the GSEs’ default insurance, so that in the event the borrower defaults, the
GSEs will fully compensate the bank for any credit loss (although not all eligible loans actually
receive the default insurance, every conforming loan has a positive probability of being insured by
the GSEs ex ante). For example, in 2006 and 2007, this limit was $417,000 in almost all states in
the U.S.3 If the loan amount is above the CLL (being a “jumbo loan”), then it is ineligible for the
insurance.4 Hence, the subsidy is effectively a default insurance program provided by the GSEs to
the bank, but only for smaller loans.
This default insurance is subsidized (underpriced) for two reasons. On the one hand, the GSEs
enjoy an implicit government guarantee: should the GSEs become insolvent due to mortgage credit
losses, the federal government will step in and bail them out, which is exactly what happened in
2008. This implicit government guarantee increases investors’ confidence in the GSEs and enables
the GSEs to borrow at a lower cost from the financial market, which constitutes a benefit to
the GSEs. On the other hand, the competition between the two major GSEs (Fannie Mae and
Freddie Mac) implies that they will undercut each other when pricing the default insurance, passing
through some of the subsidy benefit to the bank in the form of underpriced default insurance.5 The
focus of my paper is on the primary mortgage market between the borrowers and the bank, with
the understanding that the bank receives a subsidy in the form of underpriced default insurance.
This subsidized default insurance is likely to have important effects on the equilibrium contract
terms offered by the bank to borrowers. In particular, it is likely to have differential effects on
conforming loans and jumbo loans. Panel (a) of Figure 2, extracted from Figure 1 in DeFusco and
Paciorek (2014), plots the observed interest rate schedule with respect to loan size for fixed-rate
loans originated in 2006. Panel (a) shows that the interest rate schedule displays a clear disconti-
nuity at the CLL, with average interest rates on loans just above the CLL being approximately 20
basis points higher than those on loans just below. Panel (b) plots the histogram of the loan size,
which shows that the frequency of the loan size bunches exactly at the CLL, and drops substan-
tially just above the CLL. It is the discontinuity in Panel (a) that is cited as supportive empirical
evidence for the conventional wisdom that the subsidized default insurance has decreased interest
rates of conforming loans.
Moreover, with an underpriced default insurance scheme, the bank will optimally choose to over
1 Throughout the paper, the word “bank” also includes other non-bank mortgage originators.
2 For simplicity, I do not consider other criteria for conforming loans, e.g., the credit score. Fortunately, in reality,
the size limit criterion is enforced much more strictly than other criteria.
3 Exceptions were Alaska, Hawaii, Guam and the U.S. Virgin Islands, where the CLLs were 50% higher. Moreover,
since 2008, more “high-cost areas” are allowed to establish their own higher CLLs.
4 Some researchers regard jumbo loans as a strict subset of non-conforming loans, and understand loans which are
below the CLL but fail to satisfy other criteria of GSE’s insurance are “non-jumbo and non-conforming loans.” I
do not consider these loans, because I do not consider the conforming criteria other than the size limit.
5 In practice, GSEs’ subsidized default insurance is more complicated, and it is done through GSEs’ securitization.
That is, GSEs purchase mortgages loans from the bank in the secondary market, issue mortgage-backed securities
(MBS) against a pool of mortgages, and provide default insurance on these MBS instead. For details, see Acharya
et al. (2011, Page 13 and Page 187) and Guttentag (2010, Page 138).
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Figure 2: Interest rate-loan size plot (2006) and loan size histogram.
In Panel (a), each dot represents the mean interest rate in 2006 within a given $5,000 bin relative
to the CLL ($417,000). The dashed lines are predicted values from a regression on the binned data.
Panel (b) plots the fraction of all loans that are in any given $5,000 bin relative to the conforming
limit. Data in Panel (b) are pooled across years and the sample includes all transactions in the
primary DataQuick sample that fall within $400,000 of the conforming limit.
insure by taking excessive risk. There are two ways to do so. Firstly, the bank can take excessive
risk through an extensive margin, i.e., by relaxing the lending criteria and extending mortgage
loans to more borrowers. This is the margin studied by Keys et al. (2010). Secondly, the bank can
take excessive risk through an intensive margin, i.e., by raising the interest rate and/or leverage
ratio of the same borrower (for the same borrower, a higher interest rate and/or a higher leverage
ratio means a larger repayment burden and thus a higher default risk). It is the intensive margin
that is the focus of this paper.
Summary of the empirical strategy. The main empirical contribution of this paper is to apply
regression discontinuity designs to estimate the causal effect of GSEs’ subsidized default insurance
on mortgage interest rates. Doing so can correct for the endogeneity problem in conventional
studies, as explained above.
The main data set I use consists of the 30-year fixed-rate mortgage loan-level data collected by
U.S. mortgage lenders under the Home Mortgage Disclosure Act (HMDA). My identification strat-
egy exploits the variation in interest rates generated by the GSEs’ SAG mandated by Congress.6
Specifically, the SAG requires that at least a certain percentage of mortgage loans insured by GSEs7
should be taken by borrowers with incomes below 60% of the median income of its metropolitan
6 This is one of the three “affordable housing goals” or “mission goals.” The other two are “underserved areas goal”
(UAG) and “low- and moderate-income goal” (LMIG).
7 The percentage specified by the goal varies over time: it is 20%, 22%, 23% and 25% from 2004 to 2007.
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statistical area (or nonmetropolitan county).8
My identification strategy can be summarized as follows. On the one hand, even if a mortgage
loan falls below the loan size limit and is eligible to receive the subsidized default insurance (being
a conforming loan), it does not necessarily get insured ex post. In fact, data show that only about
15% of the conforming loans actually get insured and receive the subsidy. On the other hand,
the SAG implies that among the conforming loans, those taken by borrowers with incomes just
below 60% of their MSA’s median income will have a discontinuously higher ex ante probability to
receive the subsidized default insurance than those with incomes just above. It is this higher ex
ante subsidy probability that is the treatment in my empirical study. Since borrowers are unlikely
to be able to manipulate their incomes and since the 60% income cutoff is arguably an exogenous
rule,9 borrowers just above and just below the 60% income cutoff are comparable (even in terms
of the unobservable quality) except for the discontinuity in the ex ante probability of receiving the
subsidized default insurance. Hence, any discontinuity in the interest rate at the 60% cutoff can
be attributed to the discontinuity in the ex ante subsidy probability, and thus to the subsidy itself.
Using this strategy, I find that loans with a discontinuously higher ex ante subsidy probability
also have a discontinuously higher interest rate than those with a lower probability, even after
controlling for borrower characteristics such as income and lien status. The difference is about 14
basis points on average, which amounts to about 4% of the sample average (17 basis points using
data with income ratios between 59% and 61%). These effects seem to be economically small,
but since the SAG eligibility is far from capturing the full effect of the GSEs’ subsidized default
insurance itself (it only measures the ex ante probability to receive that subsidy), the actual effect
of the subsidy may still be economically large. These empirical findings imply that the subsidized
default insurance has raised mortgage interest rates of conforming loans, which is contrary to
conventional wisdom.
To better understand the empirical strategy, consider two borrowers from the same area. Sup-
pose both borrowers take conforming loans, so both of them are eligible to receive the subsidy.
Furthermore, suppose the first borrower has an income equal to 59.9% of the area’s median income,
and the second borrower has an income equal to 60.1%. These two borrowers are so similar to each
other that their fundamental characteristics such as the credit scores and all other unobservable
characteristics are also very similar. The only significant difference is that the 59.9% borrower
has a discontinuously higher ex ante probability to receive the default insurance subsidy than the
60.1% borrower. If we find that the 59.9% borrower also has a discontinuously higher interest rate,
then it must be caused by the discontinuously higher subsidy probability. This is the main idea of
regression discontinuity designs.
As auxiliary supporting evidence to the theoretical model discussed below, I also show that the
subsidy raises mortgage default rates of all conforming loans. I do so by applying various time-
to-default models (including Exponential, Weibull, and Lognormal models) to the single-family
loan-level data released in 2013. I find that all else being equal, being more likely to receive the
government’s mortgage subsidy shortens the conforming mortgage’s time to default, i.e., raises the
mortgage’s default risk.
8 In practice, there is another criterion for the SAG, which is based on the census-tract income. To get cleaner
results, I restrict my sample to loans which have satisfied the borrower-income-based criterion.
9 Some recent studies show evidence of mortgage borrowers misreporting incomes, but mainly in the non-GSE
insured mortgages and low-documentation mortgages. See Subsection 2.3 for more discussions.
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Summary of the theoretical section. The empirical section of my paper implies that the
subsidy has raised mortgage interest rates of conforming loans, which is contrary to conventional
wisdom. How to interpret this seemingly counterintuitive empirical result? Why does the bank
charge the borrower more after receiving a subsidy? The theoretical section attempts to explain
these via a two-period monopolistic screening model with asymmetric information. Moreover, it
also sheds light on the welfare implications of the subsidy.
In the model, the monopolistic bank is unable to observe the true qualities of a continuum of
borrowers. Thus, the bank has to design pairs of loan size and interest rate in period 0, subject
to borrowers’ participation and incentive compatibility constraints. In period 1, the stochastic
housing price is realized. If the borrower defaults, the bank forecloses on the house and seizes the
collateral value; if the borrower repays, the model ends. In the equilibrium without the subsidy,
a higher-quality borrower is strictly less leveraged (taking a smaller loan size), and also pays a
strictly lower interest rate. These results are consistent with the finance literature.
The introduction of subsidized default insurance fundamentally alters the equilibrium contracts.
In particular, the subsidy causes a moral hazard problem on the part of the bank. It is this moral
hazard problem that plays a key role in raising the mortgage interest rate. The intuition is as
follows: the subsidized default insurance actually provides the bank with a safety net, and induces
the bank to behave opportunistically. Specifically, suppose the bank raises the mortgage interest
rate after the subsidy policy is implemented. If the borrower does not default at the higher interest
rate, then the bank can receive a larger interest payment and get a higher profit; but even if the
borrower does default at the higher interest rate, the bank can still recover the loss from Fannie
Mae and Freddie Mac. That is, the subsidy induces an asymmetric payoff structure to the bank
(receiving all the benefits on the upside, but being protected on the downside). As a result, the
bank will optimally choose to raise the interest rate under the subsidy.
One may wonder if the result is solely driven by the assumption of a monopolistic banking
industry. Four responses can be made:
Firstly, as discussed above, the “bank” in my model is actually the entire consolidated mortgage
lending system in the US. This includes all banks and other mortgage lenders. Therefore, the
results in my model capture the intrinsic problem faced by the entire mortgage lending industry
as a whole rather than an individual mortgage lender. Hence, the competition among different
mortgage lenders is unlikely to qualitatively change the results.
Secondly, a vast literature on relationship banking, such as Sharpe (1990) and Kim, Kliger,
and Vale (2003), suggests that the incumbent bank has monopoly power due to its informational
advantage over competitors, or due to the borrower’s large switching cost. For example, Kim,
Kliger, and Vale (2003) estimate the switching cost to be roughly one-third of the average interest
rate on loans in the Norwegian market. Indeed, a sizable number of borrowers do take mortgages
from the banks with which they have already established a relationship.
Thirdly, the presence of asymmetric information acts as a countervailing force to the usual
undercutting force associated with competition among banks. Specifically, when a bank undercuts
the interest rate for a particular customer in an attempt to steal customers from other banks, it will
also induce other customers of the undercutting bank to mimick and take the contract of this cus-
tomer. Moreover, the undercutting bank cannot prevent such mimicking from happening because
it cannot observe the true types of customers due to information asymmetry. Such mimicking will
decrease the undercutting bank’s total profit and may prevent the bank from undercutting in the
first place.
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Lastly, the mortgage origination business in the U.S. is relatively concentrated.10 The limited
number of dominant banks in the market makes it possible for them to collude and split the
monopoly profit.11 Some recent papers such as Anzoategui, Chivakul, and Maliszewski (2015) also
allow for market power by the bank and a positive profit in equilibrium (although they do not
study the mortgage lending industry in the U.S.). Hence, all arguments made in the monopolistic
case are likely to apply to an oligopolistic case. As such, I study the monopoly case for simplicity.
Another important prediction of the model is that the subsidy has increased the default prob-
abilities of all conforming borrowers. By the Law of Large Numbers, it has also increased the
aggregate default rate in the entire mortgage market. This result implies that the subsidy mecha-
nism via Fannie Mae and Freddie Mac’s default insurance has increased the systematic risk in the
housing finance system, posing a threat to financial stability. This result is consistent with that
in Acharya et al. (2011), which provides another robustness check of my model.
To be consistent with the data, the model also needs to explain the observed positive jumbo-
conforming spread. This can be explained by incentive compatibility constraints associated with
asymmetric information. Specifically, if the bank designed a lower interest rate for a loan just
above the CLL, then the borrower taking the contract at the CLL would want to deviate to that
contract because he can obtain a larger loan size at a lower interest rate. Therefore, in equilibrium,
the interest rates for loans just above the CLL must have strictly higher interest rates than loans
equal to the CLL.12 Hence, the observed positive jumbo-conforming spread is simply a result of
the incentive compatibility constraints associated with asymmetric information, rather than an
indication that the subsidy policy has lowered interest rates of conforming loans.
The second research question this paper attempts to answer is the welfare effect of the subsidy.
When creating Fannie Mae in 1938 and Freddie Mac in 1970, one important intention of the federal
government was to improve consumer welfare through promoting mortgage lending. Indeed, this
is one of the most frequently used arguments to support GSEs. However, under the set-up of this
paper, I find that the subsidy decreases consumer welfare, which is also contrary to conventional
wisdom. The intuition follows from the bank’s moral hazard problem and rent extraction motive:
exactly because the subsidy allows the bank to more aggressively “exploit” borrowers by charging
higher interest rates, the welfare of borrowers will be lower after the subsidy is introduced. This
is true even if we do not consider the increased tax burden needed to finance the subsidy or the
negative externality imposed by increased mortgage defaults.
To better understand this welfare result, consider one particular borrower. Suppose this bor-
rower took a mortgage contract with the bank before the subsidy was introduced, and suppose
he got 10 units of consumer surplus from this contract relative to his outside option (i.e., not
borrowing). After the subsidy is introduced, the bank raises the interest rate in the new contract
offered to this borrower. Suppose he can only get 8 units of surplus instead of 10 from the new
contract. However, he will still want to accept this new contract because he will get 0 if he drops
out of the mortgage market, and he will get an even lower surplus if he takes the contract designed
for another borrower. This, in turn, is because the bank has raised the interest rates of all other
borrowers in the new contract menu; and the bank has done so in such a way that each borrower
10From Q1 2012 to Q1 2014, the top 5 mortgage lenders account for about 40% of the market. These lenders are
Wells Fargo, JPMorgan, Bank of America, U.S. Bancorp, and Citigroup. Data source: Forbes.
11The collusive equilibrium can be sustained by a dynamic game with infinite horizon, where the equilibrium strategy
is such that the deviating bank will be punished by all other banks if it “cheats” and undercuts the interest rate.
12Moreover, the bank will optimally shift all loans slightly above the CLL to be just equal to the CLL so that it
can receive the subsidy for these loans. Therefore, the equilibrium loan size will jump discontinuously from the
CLL to a higher level, and thus the interest rate will also jump discontinuously.
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will be worse off by deviating. By uniformly raising the interest rates for all borrowers, the bank
can force the borrowers to “choose the lesser of two evils” and thus extract more consumer surplus
while still satisfying all borrowers’ participation and incentive compatibility constraints.
Related literature. My paper is related to the vast literature on estimating the size of the
jumbo-conforming spread and the interpretation of the spread. This includes Cotterman and
Pearce (1996), Ambrose, Buttimer, and Thibodeau (2001), Naranjo and Toevs (2002), Passmore,
Sparks, and Ingpen (2002), and Ambrose, LaCour-Little, and Sanders (2004). McKenzie (2002)
provides a summary. The estimates in these studies vary substantially, from as low as a few basis
points to as high as 60 basis points. These studies generally regress the interest rate on a “jumbo”
dummy under a particular parametric form, and interpret the coefficient of the jumbo dummy
as the jumbo-conforming spread. Exceptions include Sherlund (2008), who non-parametrically
estimates the effect of loan size and loan-to-value ratio on interest rate while assuming the jumbo
dummy enters linearly.
Moreover, most of these studies interpret the estimated jumbo-conforming spread as a proxy
for the reduction in mortgage interest rates due to the GSE subsidy. One of the few exceptions is
Passmore (2005), who points out that GSE shareholders and/or mortgage originators may capture
some or all of the subsidy and not pass it on to homeowners. The result of my paper is in line
with that of Passmore (2005), but goes one step further: the subsidy not only fails to be passed
on to homeowners, but also hurts them due to its very presence.
As shown theoretically by Burgess, Passmore, and Sherlund (2005), the estimated jumbo-
conforming spread is only a coarse measure of the GSEs’ influence on mortgage rates. The reason
emphasized by the authors is that mortgage rates depend on many factors other than the GSEs’
subsidized default insurance, including the funding cost and the spreads needed to compensate
for the credit, prepayment, and maturity mismatch risks of the mortgage. Each of these factors
could be priced differently for jumbo versus conforming mortgages, thereby affecting the jumbo-
conforming spread. Therefore, the authors conduct a second-step regression, which is to regress
the jumbo-conforming spread (estimated using the traditional regression approach) on a measure
of GSEs’ funding advantage and the aforementioned factors. The authors then interpret the
coefficient of the GSEs’ funding advantage in the second-step regression as a more precise measure
of GSEs’ (causal) effect on mortgage rates.
As Kaufman (2014) points out, these studies are vulnerable to selection bias and sorting bias
by borrowers, i.e., borrowers of higher quality (who would receive lower interest rates anyway)
may have sorted into conforming loans, which causes bias in the estimate of the jumbo-conforming
spread in the aforementioned studies. Sherlund (2008) attempts to address these biases. He uses
geographic location to control for unobserved borrower characteristics, although assuming loans
similar to each other in terms of loan size, loan-to-value ratio or geographic location might also be
similar in other unobservable borrower characteristics. Kaufman (2014) instruments for a loan’s
conforming status using a discontinuous function of the home appraisal value, and finds that GSE
purchase/insurance has lowered interest rates by about 10 basis points over the period from 2003
to 2007.13
Although the instrumental variable approach in Kaufman (2014) can help address the sorting
bias and thus identify the effect of the subsidy on the interest rates of conforming loans relative
to jumbo loans, it cannot identify the effect of the subsidy on conforming loans relative to the
no-subsidy case. To identify that effect using a reduced-form study, we would need the pre-subsidy
13Adelino, Schoar, and Severino (2014) and Fuster and Vickery (2015) use similar instruments for conforming status.
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data. Given such data, we could use the variation in the interest rates (of conforming loans)
before and after the introduction of the subsidy program. Unfortunately, such pre-subsidy data
are not available because the subsidy was introduced in 1938 for Fannie Mae and 1970 for Freddie
Mac; therefore, a theoretical model is needed to identify that effect. Of course, variation in the
probability of receiving the subsidy generated by the mandate of Congress can be used to provide
indirect evidence on the effect of the subsidy on conforming loans. That is the empirical strategy
used in this paper, as noted earlier.14
In addition to the aforementioned literature, my paper also contributes to the growing literature
on more general government interventions in the mortgage market. There are several forms of such
interventions, including the mortgage interest tax deductibility, the tax exemption of imputed
rental income of owner-occupied housing, and the loan insurance by GSEs. Most existing work
focuses on the effects of the first two interventions. Examples include Gervais (2002), Poterba and
Sinai (2008), Chambers, Garriga, and Schlagenhauf (2009), Poterba and Sinai (2011), Sommer
and Sullivan (2013), and Floetotto, Kirker, and Stroebel (2016). Unlike these studies, this paper
instead focuses on the third intervention and the associated mortgage interest rate subsidy.
There are some recent papers that also study the third intervention, using general equilibrium
macroeconomic models. Important contributions include Jeske, Krueger, and Mitman (2013) and
Elenev, Landvoigt, and Van Nieuwerburgh (2015). Using a model with heterogeneous, infinitely-
lived households and competitive housing and mortgage markets, Jeske, Krueger, and Mitman
(2013) find that eliminating this subsidy leads to a large decline in mortgage origination and
increases aggregate welfare by 0.5% in consumption equivalent variation.
In a related paper that emphasizes the role of the financial sector, Elenev, Landvoigt, and Van
Nieuwerburgh (2015) develop a rich new model of the mortgage market in which both borrowers
and banks can default on their liabilities. They find that the underpriced GSE mortgage insurance
leads to an excessive financial sector leverage and lower mortgage rates, as well as more mortgage
defaults, resulting in a welfare loss. It is worth noting that although their paper implies that the
mortgage interest rate itself decreases as the subsidy increases, the spread (between the interest
rate and the risk-free rate) still increases in their paper since the risk-free rate decreases by a larger
amount as the subsidy increases. Since my paper treats the risk-free rate as fixed and does not
model this general equilibrium effect, the prediction of a higher interest rate in my paper is still
consistent with theirs, with the understanding that the interest rate in my model is actually the
spread in theirs. Of course, this also means that my paper cannot capture the systematic impact of
GSEs on the macroeconomy manifested in the risk-free rate, as in any partial equilibrium model.
There are several differences between my paper and these papers. First, these papers as-
sume perfect information between the lenders and borrowers, while my paper assumes asymmetric
information between them and focuses on the interaction between information asymmetry and
government subsidy. Because information asymmetry is a fundamental feature in the mortgage
market, my paper provides a complementary understanding to the literature. Second, in these
papers, all mortgages are eligible for the subsidy, whereas my paper explicitly models the subsidy
eligibility (i.e., only loans below the CLL are eligible). Since the conventional wisdom is based
14Bhutta (2012) and Moulton (2014) also use this strategy to study GSEs’ affordable housing goals, although
they focus on the effect on GSE insurance (purchases) and volume of loan originations, rather than on interest
rates. Bhutta (2012) finds that the UAG has a positive but limited effect on GSE purchases and the mortgage
origination volume. Moulton (2014) studies all the three mission goals (SAG, UAG, and LMIG). He finds that
the SAG increased GSE purchases but had no effect on mortgage lending (loan volumes and fraction of high-price
loans), and that the UAG or LMIG did not alter GSE purchases or mortgage lending. These results are consistent
with my empirical findings to the extent that the subsidy policy does not benefit consumers as much as intended.
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on the interest rate gap around the CLL, explicitly modeling the CLL provides a direct way to
examine the conventional wisdom.
More broadly, my paper is connected to the literature on government bailout of the financial
sector, such as Acharya and Yorulmazer (2007), and Farhi and Tirole (2012). This literature
studies the direct bailout of the banks, whereas my paper focuses on the indirect subsidy done
through the bailout of the GSEs with an explicit modeling of the collateralized lending. Finally,
my paper is related to the literature on securitization and mortgage contract design, including
Keys et al. (2010), Keys, Seri, and Vig (2010), Bubb and Kaufman (2014), and Piskorski and
Tchistyi (2010).
The rest of the paper is organized as follows. Section 2 presents the empirical section. Section
3 presents the benchmark model without subsidy. Section 4 presents the model with subsidy and
the discussions on the effects of the subsidy. Section 5 concludes. The appendices collect some
proofs.
2 Empirical evidence
2.1 Data and summary statistics
The primary data source used in this study is the loan application-level data provided by U.S.
mortgage lenders under the HMDA. The HMDA requires lenders to disclose information about
the geographic location and other characteristics of the mortgage loans to facilitate enforcement of
the fair lending laws. The lenders currently covered by the HMDA account for approximately 80%
of all home lending nationwide, so the HMDA data set provides a representative picture of most
home lending in the U.S. Since 1990, HMDA has required covered lenders to provide individual-
level mortgage application information instead of the census-tract aggregate information in each
calendar year (Avery et al. (2007)). The vast majority of these are 30-year fixed-rate loans.
Before explaining the data cleaning procedure, I would like to make several remarks on the data
set. First, although the HMDA data set does not contain information on the contract interest rate,
it does report the spread between the annual percentage rate (APR) and the applicable Treasury
yield for the high-price loans since 2004.15 Since the APR also reflects the “points” and other
fees paid by the borrower,16 it is a more accurate measure of the borrowing cost than the interest
rate itself, and may be more suitable for the study of consumer welfare. Second, the focus of the
empirical study is to examine the change (rather than the level) of the interest rate caused by
the subsidy. Assuming that the subsidy does not affect the risk-free rate (which seems a plausible
assumption given that the risk-free rate is determined by many other macroeconomic factors), the
change of the spread is equal to that of the interest rate, so the unavailability of the data on interest
rate levels does not affect the identification of the effect of the subsidy. Third, although the HMDA
data set does not provide the borrower’s credit score, this does not cause a bias in the estimation
as long as the regression discontinuity design is valid. The reason is that the credit scores (and
15More precisely, the spread is reported for first-lien loans with spreads equal to or greater than 3 percentage points,
and for second-lien loans with spreads equal to or greater than 5 percentage points. The HMDA high-price loans
are generally considered as subprime loans (Mayer and Pence, 2009).
16Points, also called “discount points,” are a form of prepaid interest. One point equals one percent of the loan
amount. Borrowers can offer to pay points as a method to reduce the interest rate on the loan and to obtain a
lower monthly payment in exchange for this upfront payment. By charging a borrower points, a lender effectively
increases the yield on the loan above the amount of the stated interest rate.
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all unobservable characteristics) of borrowers who are sufficiently close to the 60% income cutoff
must change in a smooth way, and thus cannot explain the discontinuous change in interest rates
across the 60% income cutoff (indeed, non-mortgage loans such as credit card lendings and auto
loans do not differentially target borrowers based on the same 60% income limit).17 In addition,
the HMDA data set does provide information on whether a loan is insured by GSEs. This allows
me to restrict the sample to loans that are ex post insured by GSEs, which can make the loans
more comparable.
One may wonder how we can identify the effect of the subsidy if we only use the loans that
have received the subsidy (i.e., being insured by GSEs). Regarding this, the crucial point is that
my identification is achieved by using the ex ante different probabilities of receiving the subsidy
(being insured by GSEs). Even though banks generally originate a loan knowing ex ante whether
the loan will be eligible for the GSE subsidy (by running the loans through the GSEs’ automated
underwriting software), it is always uncertain whether that loan will actually be insured by GSEs
ex post. Indeed, as explained in the Introduction, only about 15% of the conforming loans actually
get insured and receive the subsidy. This implies that even among the loans that have received
the GSE subsidy ex post, the bank understands there are still two distinctive groups at the time of
setting the interest rates: one group has a discontinuously higher ex ante probability to receive the
subsidy (the group with borrower incomes below the 60% cutoff), and the other group has a lower
ex ante probability. If we can show that the first group also has a discontinuously higher interest
rate, then it follows that the GSE subsidy has raised the mortgage interest rate. And by using
loans that were actually insured by GSEs ex post, we can better control for the unobservables,
while still achieving the identification.
The sample period used in this study is from 2004 to 2007. I choose this period because the
U.S. adopted a different definition of MSA in 2004, and because the bailout of GSEs in 2008 may
have had a systematic impact on mortgage lending. I also merge the HMDA data set with the
MSA median income data released by the U.S. Department of Housing and Urban Development
to determine each loan’s status of the SAG.
To focus on loans insured by the GSEs, I conduct the following procedure to further clean
the data: (1) drop loans larger than the CLL; (2) drop loans insured by the Federal Housing Ad-
ministration, or guaranteed by the Veterans Administration; (3) drop refinance loans and home-
improvement loans, and keep home-purchase loans only; (4) drop denied and withdrawn applica-
tions, and keep originated loans only; (5) following Bhutta (2012), drop loans in Alaska, Hawaii,
Guam, and the U.S. Virgin Islands ; (6) drop loans for which the sex, race, ethnicity information
is not provided by the borrower; (7) drop loans for which the spread information is not available.18
The data cleaning yields a total of 1,712,419 observations.
The summary statistics of the cleaned data is presented in Table 1. From 2004 to 2007, the
average interest rate spread of all loans in the sample is about 5.37%.19 This is a relatively high
17Other mortgage market features, such as prepayment and the possibility of taking piggyback loans, are unlikely
to affect my identification because these features do not display a discontinuity exactly at the 60% income cutoff.
18After going through Steps (1)-(6), there about 17% of originated loans for which the spread information is available
in 2004-2007. Hence, the empirical testing conducted here is based on a relatively small subset of loans (subprime
loans), and thus the empirical results support my model’s prediction to the extent of the representativeness of
the selected sample. However, given the role played by the subprime loans in the recent financial crisis, it is
important to study the pricing of these loans.
19The 30-year Treasury annual rates was 4.91% in 2006, and 4.84% in 2007. Hence, the average interest rates
on the mortgage contracts were about 10.2808% and 10.2108%, respectively. Note that the 30-year Treasury
constant maturity series was discontinued on February 18, 2002 and reintroduced on February 9, 2006, so the
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spread, but one reason is that this spread is based on the APR which is higher than the contract
interest rate. The average loan size is about $133,000, and the average fraction of loans eligible
for the SAG is 7.65%.
Table 1 also presents the summary statistics for the GSE-insured and non-insured groups,
respectively. As the table makes clear, the means of most variables significantly differ from each
other in the two groups. The two-sample t-test also confirms this result. For example, the mean
spread of the non-insured group is larger than that of the insured group by about 46% (1.72
percentage points). In addition, almost all of the GSE-insured loans are first-lien loans, whereas
only 64.67% of the non-insured loans are first-lien loans. The average incomes in these two groups
also differ substantially, with the GSE-insured group being poorer than the non-insured group.
These make economic sense, given that GSEs try to pick less risky loans while still satisfying the
mission goal of serving relatively poor borrowers. These substantial differences between the two
groups make it necessary to limit the sample to GSE-insured loans only. Doing so can also mitigate
the bias due to the omitted variables in the HMDA data.
Table 1: Summary statistics for both GSE-insured and non-insured loans
b = loan size;
IncomeRatio = borrower’s income/MSA’s median income;
Tract-to-MSA = census tract’s median income/MSA’s median income.
The summary statistics for the GSE-insured loans are presented in Table 2. To facilitate the
discussions in the statistical analyses to come, I also present the summary statistics of loans around
5%, 2% and 1% of the 60% income cutoff. Note that although the average spread around the cutoff
is quantitatively similar to that of the entire group of the insured loans, the average loan size and
income are much smaller than those of the entire group.
annual interest rates for 2004 and 2005 cannot be backed out.
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Table 2: Summary statistics for GSE-insured loans
2.2 Empirical results from RD designs
I begin with a graphical analysis of the SAG’s effect at the 60% income ratio cutoff, using 2006
as an example. See Figure 3, which plots the average values of the outcome variable (the interest
rate spread) for different values of the assignment variable (the ratio of borrower income to MSA
median income). In addition, I fit the data non-parametrically on either side of the cutoff. As
illustrated in Figure 3, the discontinuity in the fitted lines at the income ratio cutoff provides
initial evidence of an SAG-induced discontinuous increase in the interest rate spread in 2006. The
following statistical analysis confirms such a discontinuity.
Specifically, I use regression discontinuity (RD) designs to estimate the effect of being eligible
for the SAG on mortgage interest rates. Although unobservable characteristics pose a challenge for
the identification in general, a valid RD design can still identify the causal effect of the treatment
on the outcome variable, as noted earlier. In particular, for this study, the treatment is having a
higher ex ante priority for the subsidized default insurance, the outcome variable is the interest
rate spread, and the assignment variable is the ratio of the borrower’s income over the MSA’s
median income.
Following Imbens and Lemieux (2008), I use a local linear regression in the RD design. Specif-
ically, I control for the assignment variable on either side of the cutoff, captured by the interaction
term between the assignment variable and the SAG dummy. As discussed later, all other covariates
change continuously at the cutoff in my study, so controlling for the assignment variable should be
sufficient to identify the causal effect. However, including a set of controls provides a robustness
check and also reduces the variance, as noted by Lee and Lemieux (2010).
The regression results with various specifications are presented in Table 3. All specifications
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Figure 3: Discontinuity in interest rate spread at the SAG cutoff (2006).
control for year fixed effects. Column (1) is the results of global regressions using all observations,
and Columns (3)-(8) are results using observations close to the cutoff. For example, Column (5)
uses loans with borrower incomes falling between 58% and 62% of their MSA’s median income. The
closer to the cutoff, the more reliable the RD’s result, provided that there are enough observations
and that the RD design remains valid. Columns (3)-(8) control for MSA fixed effects, where
standard errors are clustered at the MSA-level. All columns control for the income ratio (the
assignment variable), and all even-numbered columns also control for the income level (in addition
to the income ratio) in order to mitigage the omitted variable bias. As shown in Table 3, the
coefficients of the SAG are very similar with and without the income level, confirming the validity
of the RD design.
The key variable of interest in Table 3 is the SAG dummy. Columns (5)-(6) show that being
eligible for the SAG has a statistically significant effect on the interest rate spread, and it raises the
spread (and the interest rate) by 11 basis points, amounting to about 2.9% of the average spread
in the corresponding sample. Using loans that are even closer to the cutoff (for borrowers with
incomes between 59% and 61% of their MSA median income), Columns (7)-(8) find that the SAG
eligibility raises the spread by 17 basis points, amounting to about 4.6% of the average spread in
the corresponding sample. These effects are economically small, but since the SAG eligibility is far
from capturing the full effect of the GSEs’ subsidized default insurance itself,20 the actual effect of
the subsidy may still be economically large. These four columns establish the key empirical result
20Recall that the SAG eligibility only measures the probability to receive that subsidy.
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Table 3: RD design results for the SAG
(1) P-values are in parentheses; *** means p<0.01, ** means p<0.05, and * means p<0.1.
(2) SAG = 1 if the loan is eligible for the SAG.
(3) IncomeRatioPrim = IncomeRatio – 0.60. IncomeRatioPrim_L = IncomeRatioPrim*SAG. IncomeRatioPrim_R
= IncomeRatioPrim*(1-SAG).
(4) The baseline case of the dummy variable for race is American Indian or Alaska Native.
of the paper: having a higher subsidy probability raises the interest rate spread of conforming
loans, as well as the interest rate level itself (assuming the risk-free rate is unaffected). This result
contrasts with the conventional wisdom.
Note that although the SAG eligibility decreases the spread in the global regressions and has
no effect in the 5% regressions, these effects are likely driven by the fact that it is hard to correctly
identify the economically small effect of the SAG using observations sufficiently far from the cutoff.
Thus, we can mainly rely on Columns (5)-(8) when interpreting the results.
Other covariates in the regressions provide a way to double check the empirical strategy used
in the paper. As expected, the status of being a second-lien loan significantly increases the spread,
both statistically and economically. In addition, the effects of the gender and almost all race
dummies are statistically insignificant. This makes economic sense given that the very intention
of the HMDA is to prevent from gender and racial discrimination and to enforce fair lending.
The covariate that has an unexpected sign is the dummy variable Black: loans for Black
borrowers are found to have a higher spread than those for all other races. However, we can still
reconcile this unexpected sign as follows. On the one hand, I have included some variables which
are not used by the bank when making the lending decision, such as race and gender. On the
other hand, due to data restriction, I have omitted some important variables such as the credit
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score. Since the credit score is likely to be correlated with race and gender, I have effectively
used race and gender as a proxy for the omitted variable. Given that Black borrowers may have
a lower credit score on average, the positive coefficient of the Black dummy may just reflect the
effect of the omitted credit score. Indeed, as we move closer to the cutoff, the omitted variable
problem becomes less severe (due to balanced distributions of the omitted variable on both sides
of the cutoff), and thus the Black dummy becomes statistically insignificant, as Columns (7)-(8)
indicate.
2.3 Validity testings of the RD designs
Two conditions are needed for the RD designs to be valid. First, the subjects should have an
imprecise control over the assignment variable, otherwise the design suffers from a self-selection
problem. In our case, this self-selection problem means that borrowers manipulate (i.e., mis-
report) their incomes to be just below or above the median income of their MSA, depending
on whether the offered equilibrium interest rates for loans below the income cutoff are lower or
higher than those above. However, such a mis-reporting is unlikely, given that the borrowers of
GSE-insured mortgage loans are required to submit verifiable income documents when applying
for these loans. Some recent studies show evidence of mortgage borrowers misreporting incomes;
examples include LaCour-Little and Yang (2013), Jiang, Nelson, and Vytlacil (2014), Ambrose,
Conklin, and Yoshida (2016), and Mian and Sufi (Forthcoming). However, as pointed out by these
studies, this phenomenon mainly exists in the non-GSE insured mortgages and low-documentation
mortgages.21 Given that my paper only considers the loans actually insured by GSEs and that
GSEs have strict rules regarding the income documentation, the misreporting is unlikely to be a
concern in my case. These arguments support the validity of the RD designs in terms of the first
condition.
The second condition is that the baseline covariates other than the assignment variable (such as
the income level) should have smooth distributions across the cutoff, so that we can attribute the
discontinuity in the outcome variable to that in the treatment status. One way to check this is to
simply plot the bin means of baseline covariates and visually check whether the bin mean displays
a discontinuity at the cutoff. As Figure 4 makes clear, all covariates are distributed smoothly
across the cutoff, including the average income, the fraction of first-lien loans, the fraction of loans
to male borrowers, etc.
An alternative and more rigorous way to test the second condition is to do a separate local
linear regression for each baseline covariate, replacing the outcome variable by the covariate in the
local linear regression. As noted by Lee and Lemieux (2010), with multiple covariates, it is useful
to combine the multiple and separate tests into a single test statistic. The authors suggest running
a Seemingly Unrelated Regression (SUR) for each covariate, and then performing a χ2 test for all
the coefficients of the treatment dummy being zero. I follow the suggestion, and the χ2 statistic in
my case turns out to be 2.07, with a p-value of 0.9132. Hence, we cannot reject the null hypothesis
that all the coefficients of the treatment dummy are zero. In sum, the RD designs conducted in
this paper have passed the validity tests.
21For example, Mian and Sufi (Forthcoming) find that fraud was most prevalent “among mortgages originated from
2002 to 2005 sold for non-GSE securitization.” Ambrose, Conklin, and Yoshida (2016) find that “the majority of
adverse selection and income falsification is confined to a specific borrower group”, which consists of borrowers
who originated low-documentation loans but could have easily originated full-documentation mortgages instead.
Moreover, the same study warns against policies that are based on the assumption of income falsification in other
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Figure 4: Validity testing for the SAG: balanced distributions of covariates.
2.4 Robustness check
This subsection presents a range of robustness checks. First, I conduct some falsification tests to
rule out the possibility that the discontinuity results for the SAG are spurious. Specifically, since
Figure 3 seems to contain another discontinuity at the income ratio of 57%, I conduct the RD
designs at this income ratio, as well as at 63% to account for the symmetry. The regression results
for these falsification tests are presented in Table 4 and Table 5. As the two tables make clear,
SAG is insignificant in all local regressions (Columns (3)-(8)), in both the 57% and 63% cases).
These results confirm that the discontinuous jump of the interest rate at the 60% cutoff is unlikely
to be generated by spurious results, but rather by the underlying subsidy mechanism associated
with the 60% cutoff.
Second, I conduct some robustness checkes using a different data set. Since the HMDA data
only contain the spread instead of the interest rate itself, one may wonder if the results with SAG
are just driven by this measurement error. To examine this, I use a random sample extracted from
another data set, which contains the interest rate information. This is the single-family loan-level
(SFLL) data released by Freddie Mac.22 I also examine the period from 2004 to 2007, and I follow
a similar data cleaning procedure as for the HDMA data where possible. In addition, I keep loans
with FICO scores above 620 to make the loans more comparable, since 620 is said to be another
conforming criterion used by GSEs. The ultimate sample used in the robustness check contains
47,961 observations.
The SFLL data set does not provide geographic information needed to determine the SAG
22I do not use the SFLL data for the main result because it does not have the data for borrower income. Instead,
I impute the borrower income information from the “back-end” debt-to-income (DTI) ratio.
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Table 4: Falsification Test results for the SAG at 57%
(1) P-values are in parentheses; *** means p<0.01, ** means p<0.05, and * means p<0.1.
(2) SAG = 1 if the loan is eligible for the SAG.
(3) IncomeRatioPrim = IncomeRatio – 0.60. IncomeRatioPrim_L = IncomeRatioPrim*SAG. IncomeRatioPrim_R
= IncomeRatioPrim*(1-SAG).
(4) The baseline case of the dummy variable for race is American Indian or Alaska Native.
status of a loan. As a result, I impute the borrower’s income and study the effect of the “low- and
moderate-income goal (LMIG),” which is another mission goal mandated by Congress. Specifically,
the goal requires that at least a certain percentage of mortgage loans purchased by GSEs should
be for borrowers with incomes below 100% of the median income of its MSA (or nonmetropolitan
county).23 Similar with the case of the SAG, I apply the RD designs and compare interest rates
around the 100% income ratio cutoff.
The results for the LMIG with various specifications are presented in Table 6. Across all
columns of Table 6, as expected, both the FICO score and the income level have significantly
negative effects on the interest rate, and the LTV has a significantly positive effect. For example,
a 1 point increase in the FICO score lowers the interest rate by about 0.06 basis point. However,
again contrary to conventional wisdom, being eligible for the LMIG (and having a higher priority
for the subsidized default insurance) has a statistically positive effect on the interest rate. The
magnitude is 20-25 basis points, amounting to 3-4% of the average interest rate in the corresponding
sample.
23The percentage of the goal varies over time: it was 42% for 1997-2000, 50% for 2001-2003, etc.
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Table 5: Falsification Test results for the SAG at 63%
(1) P-values are in parentheses; *** means p<0.01, ** means p<0.05, and * means p<0.1.
(2) SAG = 1 if the loan is eligible for the SAG.
(3) IncomeRatioPrim = IncomeRatio – 0.60. IncomeRatioPrim_L = IncomeRatioPrim*SAG. IncomeRatioPrim_R
= IncomeRatioPrim*(1-SAG).
(4) The baseline case of the dummy variable for race is American Indian or Alaska Native.
2.5 Auxiliary evidence on mortgage default
As auxiliary supporting evidence for the theoretical model (to be presented in subsequent sections),
I also examine the effect of the subsidy on mortgage default rates of conforming loans. I do
so by applying various duration or time-to-default models (including Exponential, Weibull, and
Lognormal models) to the SFLL loan performance data set. I follow exactly the same data-cleaning
procedure as the data set used to produce Table 6 (e.g., also study the period from 2004 to 2007),
except that I use the monthly performance information of the mortgage loans. The ultimate sample
contains 2,559,329 observations.
Specifically, I use the following empirical framework:
Si = β0 + β1Subsidyi + β2BorrowerChari + i (1)
where Si is the survival time of loan i (i.e., time to default, in number of months). Subsidyi is the
“subsidy propensity” of loan i, which is captured by the LMIGi dummy described above. Again,
if LMIGi = 1, it indicates that loan i is ex ante more likely to receive the subsidy and thus has a
higher subsidy propensity. BorrowerChari is the vector of borrower characteristics of loan i, such
as credit score and income.
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Table 6: RD design results for the LMIG
(1) P-values are in parentheses; *** means p<0.01, ** means p<0.05, and * means p<0.1.
(2) LMIG=1 if the borrower satisfies the criterion of the “Low-and-Moderate-Income Goal,” and 0 otherwise.
(3) IncomeRatio = borrower income/MSA median income. IncomeRatioPrim = IncomeRatio – 1.
IncomeRatioPrim_L = IncomeRatioPrim*LMIG. IncomeRatioPrim^2_L = IncomeRatioPrim^2*LMIG, and so on.
Two points are worth noting regarding the empirical framework:
Firstly, I do not use a period-by-period Probit or Logistic model with the dependent variable
being a dummy variable indicating whether loan i defaults in month t. The reason is that, as
Bajari, Chu, and Park (2011) point out, we essentially observe only one outcome for each loan,
which is the time to default. The period-by-period Probit or Logistic model treats the status of
the loan in each month as a separate observation, which articially deflates the standard errors. By
contrast, the time-to-default framework used in this paper circumvents this problem by treating
each loan as one observation.
Secondly, I do not include loan characteristics (such as interest rate and loan size) as additional
regressors. I claim that this is a more appropriate specification than the empirical model with loan
characteristics. To see this, suppose we do include loan characteristics and estimate the following
equation (where LoanChari is the vector of loan characteristics of loan i):
Si = α0 + α1Subsidyi + α2LoanChari + α3BorrowerChari + ηi (2)
The problem with Specification (2) is that in reality, loan characteristics are also endogenously
chosen by the borrower, and thus we have to include the following equation in the estimation
system:
LoanChari = γ0 + γ1Subsidyi + γ2BorrowerChari + ui (3)
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Plugging equation (3) into equation (2), we get the following after some rearrangements:
Si = (α0 + γ0α2) + (α1 + γ1α2)Subsidyi + (α3 + γ2α2)BorrowerChari + (ηi + uiα2) (4)
Equation (4) is equivalent to equation (1) that is used in the paper. In other words, equation
(1) is the reduced form of the joint system consisting of equations (2) and (3), and thus captures
the net effect of the subsidy on the time to default.
The results for the various duration models are presented in Table 7. Columns (2), (4) and
(6) control for MSA fixed effects and use robust standard errors, so the interpretation is mainly
based on these more reliable columns. Across these columns, as expected, a mortgage loan with
a higher FICO score will have a longer time to default, i.e., a lower default risk, ceteris paribus.24
Importantly, five out of the six columns in Table 7 indicate that being eligible for the LMIG (and
having a higher priority for the subsidized default insurance) has a statistically negative effect
on the mortgage’s time to default. Although the coefficient of LMIG in one specification of the
Lognormal model (Column (6)) is insignificant, the reported Akaike information criteria suggest
that the most reliable model is the Weibull model with MSA fixed effects and robust standard
errors (Column (4)). These results suggest that the subsidy raises a conforming loan’s default risk
and makes the entire housing finance system more fragile. These results are consistent with the
predictions in the theoretical model presented below.
3 Benchmark model
3.1 Model setup
There are two periods in the model: the contracting period n = 0, and the default period n = 1.
There is a continuum of borrowers (agents). Each borrower is characterized by a private scalar
type θ. Denote the cumulative distribution function (cdf) of the type distribution by F (·), and the
probability density function (pdf) by f(·), both defined on [θ, θ] where 0 ≤ θ < θ < +∞. There
is a monopolistic bank (principal), who designs a menu of mortgage loan contracts consisting of a
loan size b(θ) and a gross interest rate R(θ) for each θ at period 0. Note that this model is different
from the standard credit rationing model as in Stiglitz and Weiss (1981) in the sense that there is
a continuum of interest rates instead of only one market interest rate that applies to all borrowers.
The type θ represents the unobserved quality of the borrower. Specifically, if a type-θ borrower
repays the mortgage, he can keep his house and receive a monetary benefit θ due to his enhanced
credit record. Hence, a borrower with a higher θ is less likely to default, and thus a higher
θ represents a higher “quality index” or a lower “risk index” of the borrower from the bank’s
perspective. An alternative but equivalent interpretation is that θ represents the default cost: if
the borrower defaults, his credit record will be damaged, and thus will incur a cost of θ. Kawai,
Onishi, and Uetake (2013) model the type of the borrower in a similar way.
At period 0, each borrower receives a publicly observable vector Z0, consisting of current income
y0, credit score s, housing demand h0, a common current housing price p0 (common to all borrowers,
in terms of dollars per square feet), the distribution of future income y1, and the distribution of
common future housing price p1 (cdf denoted by G(.)). Based on the Z0 of all borrowers and
24The estimated effects of income in Columns (4) and (6) are insignificant and may seem to be less intuitive.
However, this can be explained by the multicollinearity between FICO score and income. That is, most of the
effect of the income variable is likely to have been captured by FICO score, which makes the income variable itself
insignificant.
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Table 7: Effects of subsidy on time to default
(1) P-values are in parentheses; *** means p<0.01, ** means p<0.05, and * means p<0.1.
(2) LMIG=1 if the borrower satisfies the criterion of the “Low-and-Moderate-Income Goal,” and 0 otherwise.
(3) AIC = Akaike information criterion.
(4) Columns (2), (4) and (6) control for MSA fixed effects and use robust standard errors.
the type distribution F (.), the bank optimally designs the menu of mortgage contracts at time 0.
Moreover, the bank has full commitment; it cannot change the contract terms once the contract
menu is offered.
At period 1, each borrower receives a publicly observable vector Z1, consisting of an income
realization y1 and a common housing price p1. For simplicity, assume y1 is sufficiently high so that
no borrower will default due to the inability to repay, i.e., there is no “illiquidity default” in this
model. Rather, this paper only considers the strategic default triggered by housing price shocks.25
Based on the realization of p1, the borrower optimally chooses to default or repay. By contrast,
due to the full commitment, the bank behaves mechanically at time 1: if the borrower repays, the
bank collects the total repayment amount Rb ≡ T ; if the borrower defaults, the bank forecloses
on the house and collects αfp1h0 instead of T , where 0 < αf < 1 is the recovery ratio during the
foreclosure process, i.e., 1− αf represents the liquidation cost.
25Elul et al. (2010), among others, discuss the modeling of the default decision using the “double trigger” framework:
First, “illiquidity default,” i.e., the borrower would like to repay, but is not able to because of the low income
received in that period, see Gerardi, Shapiro, and Willen (2007) for example. Second, “strategic default,” i.e.,
the borrower chooses to default even if he is able to repay. Evidence by Bhutta, Dokko, and Shan (2010) and
Gerardi et al. (Forthcoming) indicates that the “illiquidity default” played a more important role in the recent
crisis. Using survey data, Guiso, Sapienza, and Zingales (2013) find that the propensity of “strategic default”
is affected by both pecuniary and non-pecuniary factors (such as views about fairness and morality), and that
exposure to other people who strategically defaulted increases the propensity to default strategically. But Gerardi
et al. (Forthcoming) emphasize the important interaction between the two sources of default.
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To focus on the screening process by the bank with a tractable model, two additional assump-
tions are made. First, all borrowers are assumed to have the same Z0 and Z1. It follows that the
unobservable quality θ is the only factor driving the variation of the contracts, so the menu of
bank’s contracts can be written as {(b(θ), R(b)) | θ ∈ [θ, θ¯]}, with the understanding that all these
contracts are conditional on the observable current income, credit score, etc.
This assumption also implies that the observables do not provide the bank with any extra
information regarding the borrower’s true quality θ. To justify this simplifying assumption, notice
that in reality, current income y0 includes initial saving which is accumulated in the past over a
long period of time, and housing demand h0 can depend on, for example, the number of children.
As a result, both y0 and h0 are somewhat exogenous, and can be uncorrelated with θ. But it is
easy to allow y0, s, h0 and y1 to be correlated with the type θ, in which case the bank will make
lending decisions based on the posterior type distribution obtained from Bayes’ rule. Note that
although the bank’s problem will be affected if we allow correlation between the observables and
the type, the borrower’s problem will not be affected, since the borrower is assumed to perfectly
know his own type.
The second additional assumption is that h0 is exogenous. Although it is easy to allow the
correlation between the (exogenous) h0 and θ, it is not easy to endogenize h0. To see this, note
that h0 is observable to the bank before making the lending decision. In case the equilibrium h0
chosen by the borrower is strictly monotone in θ, the bank can perfectly back out the underlying
θ, and thus the design of the mortgage contracts will become a degenerate problem.
3.2 Borrower’s problem
3.2.1 Borrower’s problem: period 1
At time n = 1, the borrower faces a discrete-choice problem contingent on the housing price
realization p1, which is to choose a default dummy d : P 7→ {0, 1}, where P = [0, pmax1 ] is the
set of all possible realizations of housing price p1. If the borrower defaults, he loses his house, and
the only payoff he gets is his income y1. If he repays, he loses the total scheduled repayment of
T ≡ Rb, but keeps the market value of the house p1h0. In addition, the non-defaulter receives a
monetary benefit θ, as well as his income realization y1.
Note that it is more convenient to represent the bank’s contract menu using the total scheduled
repayment T instead of the interest rate R. This is because it is the T (rather than R or b alone)
that matters for the borrower’s default decision. Presented this way, the model suggests two
interesting analogies. First, a two-period mortgage contract can be understood as a two-period
zero-coupon bond. In period 0, the bank makes an upfront payment b (bond price or loan size)
to buy the “bond” from the borrower. In return, the borrower promises to repay the scheduled
amount T (face value of the bond) to the bank in period 1 (although he can choose to default).
The ratio of T over b is the gross interest rate R. Second, the mortgage contract can be understood
as an employment contract between the firm owner and the worker. The T is like the task level
that the work needs to fulfill, and the b is like the wage required by the worker to compensate for
fulfilling the task. Fulfilling a task is costly to the worker, just as making a repayment is costly to
the borrower.26
26As Segal (2012) points out, when characterizing the theoretical properties, it is more convenient to use a di-
rect revelation contract (DRC) instead of a tariff. Therefore, henceforth I will represent the contract menu as
{(b(θ), T (θ)) | θ ∈ [θ, θ¯]}.
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Denoting the utility of a type-θ borrower by U1(p1, T, θ), his problem at n = 1 can be written
as:
U1(p1, T, θ) = max{y1, p1h0 + θ − T + y1}
Clearly, the borrower follows a threshold strategy at time 1: he defaults if and only if the
housing price realization p1 is less than or equal to a threshold
p¯1(T, θ) ≡ T − θ
h0
.









< 0). The intuition is as follows: for a given borrower θ, a higher scheduled repayment T
makes him more demanding (asking for a higher p1 realization to make up the higher T ) and thus
more likely to default; for a given scheduled repayment T , a borrower of a higher type has a higher
opportunity cost of default, and thus is less likely to default.
3.2.2 Borrower’s problem: period 0
At time 0, the borrower has a two-stage decision problem. In the first stage, he decides whether
to participate in the mortgage market (borrow from the bank and buy a house), or to stay outside
(rent a house in both periods using his income endowments). A type-θ borrower will participate
if and only if his expected lifetime utility from participating, denoted by U(θ), is larger than or
equal to that of his outside option, y0 +E0y1.27 In the second stage, conditional on participation,
the borrower optimally chooses the mortgage contract (b(θ), T (θ)) (equivalently, choosing which
type to report) to maximize his life time utility:
U(θ) = max
τ∈Θ
[v(h0) + y0 − (p0h0 − b(τ))] + βE0U1(p1, T (τ), θ)
where the expression in the bracket is the borrower’s utility at period 0 (the utility from living in
the house v(h0), plus the utility from consumption which equals the current income y0 minus the
down payment p0h0 − b); the set of all possible types is denoted by Θ, and the expected utility is
equal to










(p1h0 + θ − T )g(p1)dp1
≡ E0y1 + 1
β
W (T, θ).
Since v(h0) + y0− p0h0 + βE0y1 is a constant which does not affect the maximization problem,
henceforth I will ignore it.28 Then the above problem is equivalent to
U(θ) = max
τ∈Θ
b(τ) +W (T (τ), θ) (5)
27Assume that the rental prices in both period 0 and period 1 are such that the money-metric utility to the borrower
from living in a rental house exactly equals the amount of income he spends to rent the house. Hence, the value
of his outside option equals y0 + E0y1.
28The constant v(h0)+y0−p0h0+βE0y1 is clearly relevant for the borrower’s participation decision, i.e., whether to
borrow a mortgage and buy a house, or to rent a house and receive a reservation utility. Hence, strictly speaking,
we should keep this constant and another constant (the reservation utility) throughout the analysis. It turns out
that these two constants do not affect the equilibrium, so I ignore both of them for brevity.
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where W (T, θ) is defined as above. This formula shows that by taking a mortgage contract,
the borrower receives two assets: first, an upfront consumption flow with a value of b; second, a
continuation value W (T, θ).
Below are some remarks on the borrower’s problem. First, I assume that the borrower cannot
adjust the housing size over time. Hence, the housing size in period 1 remains h0. Second, for
simplicity, I assume the borrower cannot save for consumption purposes, so the borrower has to
spend all of their income in each period. This assumption is not innocuous, but does not seem
too unrealistic either, because the mortgage balance is much larger than the flow saving in each
period.
3.3 Bank’s problem without subsidy
When faced with a borrower of type θ, the bank has two decisions to make. First, it optimally
decides to approve or reject the borrower. Second, conditional on approval, it optimally designs
the loan contract (b(θ), T (θ)) for the borrower.
As for the bank’s first decision, consider the following threshold rejection strategy: for some
θ0 ∈ (0, θ¯), the bank approves the type-θ borrower if and only if θ ≥ θ0. Note that although the
bank does not observe the type, it can still “choose” θ0 to exclude borrowers. This is because the
bank is able to design the menu of contracts to affect which θ0 will be just indifferent between
taking the mortgage contract and staying outside. An alternative way to see this is that due to
the incentive compatibility constraints, the bank behaves as if it can observe the true types of all
borrowers; the bank sorts borrowers according to θ, and optimally decides the lowest type θ0 to
lend to. These arguments establish why such a threshold rejection strategy can be implemented.
The optimality condition for choosing θ0 will be discussed later. Maskin and Riley (1984), among
others, have considered the same threshold exclusion strategy.
As for the bank’s second decision, it designs a menu of loan sizes and scheduled repayments





[−b(θ) + Ω(T (θ), θ, 0)]f(θ)dθ (6)
subject to : U(θ) ≥ 0, ∀θ ∈ [θ0, θ¯] (IR)
b(θ) +W (T (θ), θ) ≥ b(τ) +W ((T (τ), θ), ∀θ, τ ∈ [θ0, θ¯] (IC)
where (IR) is the individual rationality constraint; (IC) is the incentive compatibility constraint;
Ω(T, θ, ω) = 1
Rf
{ p¯1(T,θ)0 [αfp1h0 + ω(T − αfp1h0)]g(p1)dp1 +
 pmax1
p¯1(T,θ) Tg(p1)dp1} is the expected
revenue from a type-θ borrower. Specifically, Rf is the (gross) risk-free interest rate, αf is again
the fraction of the housing value recovered by the bank in case of a default, and 0 ≤ ω ≤ 1 is
the fraction of subsidy on the bank’s unrecovered loss. When p1 is below p¯1(T, θ), in which case
type θ defaults, the bank receives αfp1h0 from the foreclosed house and ω(T − αfp1h0) from the
government in case the subsidy program exists and the loan is eligible for the subsidy (see next
section). When p1 is above p¯1(T, θ), in which case type θ does not default, the bank simply collects
T .
Note that I model the subsidy mechanism as a free but partial insurance (i.e., the bank can
only recover part of the loss), instead of a costly but full insurance as in reality. In terms of
the net present value, the subsidy mechanism in my model is equivalent to that in reality, but
such an abstraction allows me to avoid modelling the mortgage default insurance market, which
significantly simplifies the analysis.
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It turns out that the specific expression of the Ω(T, θ, ω) function does not matter for the
results, so I do not use a specific functional form for the rest of the paper. Instead, I just specify
the following assumptions on Ω(T, θ, ω):
ΩT (T, θ, ω) > 0, Ωω(T, θ, ω) > 0, ΩTω(T, θ, ω) > 0, ∀T ∈ R+, ∀θ ∈ [θ0, θ¯] and ∀ω ∈ [0, 1] (7)
For the functional form of Ω specified above, these assumptions are clearly satisfied. More generally,
these are not restrictive assumptions, given the features of the subsidy program described in the
introduction.
Note that the bank’s funding cost of making a loan of size b(θ) is simply b(θ). I assume such a
simple one-dollar-to-one-dollar funding cost function because the bank is assumed to borrow funds
at the risk-free rate from the international financial market, which has unlimited fund supply.
Hence, to lend one dollar, the bank just needs to borrow one dollar from the international financial
market. This seems to be an innocuous assumption, especially before the financial crisis when the
internatial financial market had sufficient confidence in U.S. banks. Moreover, I assume that the
bank’s administrative cost is zero, and that the bank’s total cost only consists of the funding cost.
3.4 Characterization of the optimal contracts
3.4.1 Single-Crossing Property (SCP)
Since the SCP is crucial to simplify the bank’s problem (6), this subsection provides a discussion
of this property.
The marginal utility of the borrower from taking a contract with an additional dollar of sched-
uled repayment T is
WT (T, θ) = −{β[1−G(p¯1)]× 1 + βg(p¯1)∂p¯1
∂T
× (p¯1h0 + θ − T )} (8)
The negative sign indicates that T decreases the utility of the borrower, which is intuitive.
To highlight this negative relationship, I refer to −W (T, θ) as the “disutility” and −WT (T, θ) ≡
|WT (T, θ)| as the “marginal disutility.” Equation (8) illustrates that the marginal disutility from
one extra dollar of T consists of two effects:
First, in the case of a good housing price realization where borrower θ decides to repay, which
occurs with probability 1−G(p¯1), he will need to pay the extra dollar, which constitutes a marginal
disutility of β[1−G(p¯1)]×1 to the borrower. I refer to this effect as the “repayment balance effect.”
Second, the extra dollar of T makes the borrower more demanding (increasing his default
threshold p¯1) and raises his default probability by ∂G(p¯1)∂T = g(p¯1)
∂p¯1
∂T
. If default does occur, the
borrower will lose his house (losing p¯1h0) and damage his credit record (losing θ), although he can
avoid paying T . Therefore, the higher default probability due to the one extra dollar of T brings
a disutility of β[g(p¯1)∂p¯1∂T × (p¯1h0 + θ − T )] to the borrower. I refer to this effect as the “default
threshold effect.”
Importantly, due to the inability to commit, the borrower still has a chance to make a default
decision in period 1. Moreover, the optimality condition of this decision implies that at the
threshold housing price p¯1, the borrower is indifferent between repayment and default, so p¯1h0 +
θ − T = 0. Therefore, the “default threshold effect” turns out to be 0, and the only marginal
disutility of increasing T by one dollar is the “repayment balance effect,” i.e.,
WT (T, θ) = −β[1−G(p¯1)]× 1
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which is the repayment probability multiplied by the marginal payment, discounted by β.
It then follows that
WTθ(T, θ) = −β∂[1−G(p¯1)]
∂θ
, ∀θ ∈ [θ, θ¯]
By Lemma 1, we have ∂[1−G(p¯1)]
∂θ
> 0, i.e., the repayment probability 1 − G(p¯1) is strictly
higher for a borrower of a higher quality θ; but the marginal repayment ($1) is independent of θ.
Therefore, WTθ(T, θ) < 0 for all θ ≤ θ ≤ θ¯. Hence, we have the following lemma:
LEMMA 1: The borrower’s preference satisfies:
(i) WT (T, θ) < 0 in θ ≤ θ ≤ θ¯, so the borrower will strictly suffer more in period 1 from taking
a contract with a larger T in period 0.
(ii) WTθ < 0 in θ ≤ θ ≤ θ¯, i.e., it has the SCP in the entire domain. Hence, the optimal T (θ)
is strictly decreasing in θ ≤ θ ≤ θ¯.
Parts (i) and (ii) of this lemma are both intuitive: a borrower of a higher quality understands
that for the same scheduled repayment T , he will be more likely to repay (to avoid his higher default
cost). Because the marginal disutility of slightly increasing T equals the repayment probability
multiplied by the constant marginal payment (discounted by β), the higher-quality borrower finds
it more costly to take a contract with a slightly higher T compared with a lower-quality borrower,
i.e., ∂|WT (T,θ)|
∂θ
= −WTθ(T, θ) > 0. Therefore, the higher-quality borrower wants to take a lower T
in the first place, compared with a lower-quality borrower (all else being equal). Moreover, when
designing the optimal contracts, the bank has to respect this.29
3.4.2 Optimal contracts
It turns out that under the SCP, we can replace the principal’s global IC constraints by local IC
constraints, which are also referred to as ICFOC.30 In addition, by the strict monotonicity of the
information rent U(θ), it suffices to impose the IR on type θ0 alone. Moreover, the bank will adjust
the contract menu to completely extract θ0’s information rent, so θ0’s IR must be binding at the





[−b(θ) + Ω(T (θ), θ, 0)]f(θ)dθ (9)
subject to : U(θ0) = b(θ0) +W (T0, θ0) = 0 (IR)
U(θ) = U(θ0) +
 θ
θ0
Wτ (T (τ), τ)dτ, ∀θ ∈ [θ0, θ¯] (ICFOC)
Moreover, to simplify the solution of the model as well as to understand the results intuitively,
we can reformulate the contract design problem. It is natural to think about the contract menu
offered by the bank as specifying for each loan size b an interest rate R, or effectively a scheduled
repayment burden (“tariff”) T = Rb. But this is equivalent to specifying instead a loan size b for
each scheduled repayment burden T . That is, instead of (b, R(b)) or (b, T (b)), we will view the
29The strict monotonicity of T follows from Edlin and Shannon (1998). Edlin and Shannon (1998) also require
the differentiability of the tariff function, which is b(T ) in this paper. It can be seen later that b(T ) is indeed
differentiable.
30The ICFOC is the same as the borrower’s first-order condition (FOC) b′(T ) = −WT (T, θ) (treating T as the
allocation and b as the transfer, as explained later). For more details, see Mirrlees (1971) and Tirole (1994, Page
15).
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contract menu as pairs (T, b(T )), treating T as the allocation and b(T ) as the upfront payment
(tariff) to compensate the borrower for taking a particular repayment burden T . Doing so will
significantly simplify the solution procedure, since it transforms the original utility function that is
nonlinear in the tariff to one that is quasi-linear in the newly-defined tariff (recall that the utility
function u(T, b, θ) = b+W (T, θ)).
Using the reformulated model, we can obtain the optimal contracts following the standard
procedure, which is to eliminate the transfer and then solve the relaxed pointwise maximization
problem. Through the following two propositions, this subsection characterizes the benchmark
model’s optimal contracts obtained this way.
PROPOSITION 1: Assume that the following second-order condition (SOC) holds:31
WTT (T, θ) + ΩTT (T, θ, 0)− 1− F (θ)
f(θ) WθTT (T, θ) < 0, ∀T ∈ R
+ and ∀θ ∈ [θ0, θ¯]
Then conditional on the rejection threshold θ0 ∈ (θ, θ¯), the optimal contracts can be solved in the
following order:
(i) the optimal scheduled repayment T (θ) to a borrower of type θ is the solution to the following
functional equation:
−WT (T, θ) = ΩT (T, θ, 0) + 1− F (θ)
f(θ) [−WθT (T, θ)], ∀θ ∈ [θ0, θ¯] (10)
where WT (T, θ) = −β[1 − G(p¯1)] × 1 < 0, ΩT (T, θ, 0) > 0 is the bank’s marginal revenue under
zero subsidy, and WθT = WTθ = −βg(p¯1) 1h0 < 0.
(ii) the associated information rent U(θ) is given by
U(θ) = U(θ0) +
 θ
θ0
Wτ (T (τ), τ)dτ =
 θ
θ0
Wτ (T (τ), τ)dτ, ∀θ ∈ [θ0, θ¯] (11)
where Wτ (T, τ) = ∂U(τ)∂τ = β[1−G(p¯1(T, τ))]× 1 > 0 is the information rent to a borrower of type
τ .
(iii) the optimal loan size b(θ) is given by
b(θ) = U(θ)−W (T, θ), ∀θ ∈ [θ0, θ¯] (12)
(iv) the optimal interest rate R(θ) is given by
R(θ) = T (θ)
b(θ) , ∀θ ∈ [θ0, θ¯]
PROOF: see Appendix A. Q.E.D.
Equation (10) is the bank’s optimality condition of choosing the scheduled repayment T (θ) for
a type-θ contract. Following the reformulation explained above, we can interpret equation (10) as
follows. On the one hand, when increasing the scheduled repayment T (θ) for type-θ borrowers by
31The SOC is to ensure the solution to the FOC is a maxima rather than a minima, so that the analysis of optimal
contracts is meaningful. It turns out under reasonable parametrizations of the Ω function, this SOC holds.
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one dollar, the bank has to pay a larger upfront amount b in order to convince them to take the
contract. This constitutes the bank’s marginal cost of increasing T . Mathematically, this marginal
cost equals b′(T ). Note that following the reformulation, the borrower’s optimality condition
becomes −WT (T, θ) = b′(T ), so the left-hand side (LHS) of equation (10) captures the bank’s
marginal cost of increasing T (θ) by one dollar.
On the other hand, the bank’s marginal benefit of increasing the scheduled repayment T (θ) by
one dollar consists of two parts, both captured by the right-hand side (RHS) of equation (10). First,
doing so can directly increase the bank’s expected revenue from a type-θ borrower by ΩT (T, θ, 0).
Second, by increasing the scheduled repayment T (θ) for type θ, the bank makes type-θ’s contract
less attractive to all borrowers of types higher than θ, so higher types will have a lower incentive
to take type-θ’s contract. As a result, the bank can save some information rents: the marginal
saving from each borrower of higher types (in absolute value) is |∂Wθ(T,θ)
∂T
| = −WθT (T, θ) (note that
WθT (T, θ) < 0), and there are 1−F (θ)f(θ) such borrowers (relative to the mass of type-θ borrowers).
As for the optimal choice of the rejection threshold θ0, we have the following proposition:
PROPOSITION 2: The optimal rejection threshold θ0 ∈ (θ, θ¯) is determined by
[Ω(T0, θ0, 0) +W (T0, θ0)]f(θ0) = Wθ(T0, θ0)[1− F (θ0)] (13)
where T0 = T (θ0) is given by equation (10).
The LHS of equation (13) captures the bank’s marginal benefit of decreasing the rejection
threshold θ0. Decreasing θ0 allows the bank to expand its customer base and to earn a higher
profit. Specifically, the bank can earn Ω(T0, θ0, ω) − b(T0) from each borrower of type θ0, and
there are f(θ0) of them. Note that the bank will always adjust the contract terms such that θ0
earns zero information rent, i.e., U(θ0) = b(θ0) + W (T0, θ0) = 0, so W (T0, θ0) = −b(θ0) and thus
[Ω(T0, θ0, 0)+W (T0, θ0)]f(θ0) is indeed the increase in the (total) profit from all type-θ0 borrowers.
The RHS of equation (13) captures the bank’s marginal cost of decreasing the rejection thresh-
old θ0. As θ0 becomes lower, all higher types (i.e., existing customers) will have more contracts to
mimic, so the bank has to give up more information rents to them to satisfy the IC. Specifically,
the bank has to give up Wθ(T0, θ0) > 0 to each borrower of type θ > θ0, and there are 1 − F (θ0)
of such borrowers.
3.4.3 Properties of the optimal contracts
This subsection characterizes some properties of the optimal contracts through two propositions.
PROPOSITION 3: Under the optimal contracts with no subsidy, the loan size (leverage ratio)
b(θ) is continuous and strictly decreasing in θ for θ0 ≤ θ ≤ θ¯. That is, a higher-quality borrower
is strictly less leveraged.
The mathematical proof of this proposition is provided in Appendix B. Below is an intuitive
understanding. On the one hand, we can establish that the optimal b-T schedule designed by
the bank must be strictly increasing. Suppose not. First, consider the case where it is strictly
decreasing, as in Figure 5. Suppose further that (T, b(T )) is the optimal contract of a particular
borrower. However, if the borrower instead chooses a contract with a strictly lower T , e.g., contract
(T ′, b(T ′)), then he can get a strictly larger upfront payment b(T ′) in period 0. Moreover, by Part
(i) of Lemma 1, the borrower will suffer strictly less in period 1 from taking a contract with a
strictly lower T in period 0, so the borrower will find it strictly better off to deviate to (T ′, b(T ′)).
Hence, (T, b(T )) cannot be optimal, which is a contradiction. Similar arguments apply to the
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case where b is flat over some range of T . Therefore, the optimal b-T schedule must be strictly
increasing.
Figure 5: A proposed b-T schedule without subsidy.
On the other hand, Part (ii) of Lemma 1 states that borrower of a higher quality is more averse
to default and will pick a contract with a strictly lower scheduled repayment T (θ) at period 0.
Combining with the previous argument, it follows that the optimal loan size b(θ) strictly decreases
in θ. Since the model is conditional on the initial housing expenditure p0h0, the loan size b(θ)
is equivalent to the leverage ratio b
p0h0
, so the leverage ratio also strictly decreases in borrower’s
quality θ. This prediction is consistent with the finance literature. The continuity of b(θ) is clear,
since there is no structural change in the incentives of the bank if there is no subsidy.
So far, I have examined the property of the loan size or leverage ratio of the optimal contracts.
To examine the interest rate, the following lemma is needed:
LEMMA 2: Under the optimal contracts, the elasticity of the loan size b with respect to the
scheduled repayment T is strictly less than 1. Hence, as the optimal scheduled repayment T (face
value or task) increases, the bank only needs to increase the optimal loan size b (bond price or
wage) at an increasingly slower rate.
PROOF: see Appendix C. Q.E.D.
The intuition is as follows. As the borrower moves to a contract with a higher scheduled
repayment (face value) T , he understands that he will be more demanding and less likely to repay
in period 1. Recall that the borrower’s marginal disutility of taking an extra dollar of T equals his
repayment probability, which is decreasing in T , multiplied by the marginal repayment, which is
always β × 1 regardless of the level of T . Hence, the borrower’s marginal disutility will be lower
as T becomes higher. To satisfy the IR and IC constraints as well as to maximize its profit, the
bank only needs to compensate the borrower by a smaller increase in b (purchasing price) as he
moves to a higher T .
Based on this lemma, we have the following proposition:
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PROPOSITION 4: Under the optimal contracts with no subsidy, the interest rate R(θ) is
continuous and strictly decreasing in θ for θ0 ≤ θ ≤ θ¯. That is, a higher-quality borrower pays a
strictly lower interest rate R.
PROOF: see Appendix D. Q.E.D.
This prediction is also consistent with the finance literature. Note that this proposition does
not require the optimal R(θ) to be differentiable or continuous, and thus allows for a discontinuous
R(θ) function. The next section will use this property.
The intuition is as follows. By the SCP in Lemma 1, the optimal contract designed for a lower-
quality borrower will have a higher scheduled repayment T (face value), since he is less likely to
pay back and thus suffers less than a higher quality. By Proposition 3, it should also have a higher
loan amount b (bond price) to compensate for the higher face value T , otherwise other types will
want to mimic. However, according to Lemma 2, a higher T leads to a lower repayment probability
and thus a lower marginal disutility, so the bank only has to increase the upfront compensation b
(loan amount or bond price) by a smaller percentage than T , so the average “compensation per
face value” (received by the borrower) b
T
is lower for a lower-quality borrower, i.e., the interest rate
(paid by the borrower) T
b
is higher for a lower-quality borrower than that for a higher quality.
Combining Propositions 3 and 4, we immediately get the following corollary:
COROLLARY 1: Under the optimal contracts with no subsidy, the R-b schedule designed by
the bank is continuous and upward sloping.
Figure 6 shows the optimal R-b schedule. Note that this does not contradict the downward
sloping schedule observed in data as in Figure 2, because Figure 2 plots the absolute loan amount
whereas the b in my model is actually the leverage ratio. More generally, Figure 2 is the pooled
plot for all borrowers with different observable characteristics, whereas my model is conditional on
these characteristics.32 In addition, the usual argument for the downward sloping schedule is that
a larger loan size tends to split the bank’s loan-specific fixed cost more, so that the per-unit cost
of providing the loan becomes smaller, hence a lower interest rate. Since my model does not have
the fixed cost, the only present effect is the one explained above, which corresponds to an upward
sloping schedule.
An important implication of the previous two propositions and Corollary 1 is that borrowers
of higher quality will self-select into contracts with lower interest rate by taking a lower loan size
(leverage ratio). Hence, even if the subsidy is present, it is still possible that the observed lower
interest rate for conforming loans (than jumbo loans) is due to the higher borrower quality itself
and the IC constraints associated with the asymmetric information, rather than due to the subsidy.
The next section shows that this is indeed the case.
4 Model with subsidy
4.1 Setup and solution procedure for optimal contracts
Under the subsidy, the borrower’s problem remains exactly the same as the benchmark model.
The bank’s problem is also similar to that in the benchmark model, with the only difference being
the bank’s expected revenue function. Importantly, because only loans of size less than or equal to
the CLL are eligible for the subsidy, the bank’s expected revenue function becomes a split function.
32Due to data restrictions, I cannot create a version of Figure 2 that controls for observable borrower characteristics.
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Figure 6: Optimal R-b schedule without subsidy.
Specifically, it remains to be Ω(T, θ, 0) if b(θ) > CLL (jumbo loans), and jumps to Ω(T, θ, ω) if
b(θ) ≤ CLL (conforming loans), where 0 ≤ ω ≤ 1 is the subsidy parameter. In case a conforming
loan defaults, the government subsidizes the bank by ω fraction of the loss. Again, the specific
expression of the Ω(T, θ, ω) function does not matter for the results of this paper, so I do not specify
its functional form here. The restrictions on Ω(T, θ, ω) are the same as those in the benchmark
model.
Note that the discontinuity caused by the subsidy program makes the bank’s objective function
to be non-differentiable at b = CLL. Consequently, the standard maximization techniques are not
applicable and thus it is not easy to solve for the general strategy of the bank. Therefore, in this
paper I consider a particular strategy of the bank, in which the bank adopts a threshold strategy
not only for the loan approval decision (as in the benchmark model), but also for the loan size
decision.
Specifically, I guess that there exist two cutoff types θ1, θ2 ∈ (θ0, θ¯), such that the bank finds
it optimal to lend an amount strictly above CLL to all types in (θ0, θ1) (“jumbo group”), exactly
equal to CLL to all types in [θ1, θ2] (“CLL group”), and strictly below CLL to all types in (θ2, θ¯]
(“strictly conforming group”).33 Moreover, borrowers in each group also find it optimal to accept
such loan sizes designed by the bank. Since I also consider a threshold strategy of the bank for
the approval decision, the bank will lend 0 to all types in [θ, θ0] (“rejected group”). See Figure 7.
Figure 7: Threshold strategy.
33If we treat T as the tariff and b as the quantity, then the bunching is consistent with the mechanism design
literature, such as Topkis (1998) and Edlin and Shannon (1998). That is, the kink of the tariff at one quantity
level (b = CLL) translates into the bunching of the optimal quantity at the same level.
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Since the benchmark model shows that we have the strict monotonicity of T (θ) and b(θ) in θ,
such a threshold strategy is plausible in the case with the subsidy. Under the threshold strategy,
the bank’s objective function becomes continuous and differentiable in each group, so the bank’s
problem can be substantially simplified. Note that the problem for the CLL group is degenerate,
because the bank cannot distinguish borrowers in this group and thus only needs to choose one
interest rate level (equivalently, one scheduled repayment level) for all borrowers in [θ1, θ2]. Denote
the common interest rate level and the scheduled repayment level of the CLL group by RCLL and
TCLL, respectively.
Moreover, similar arguments with Proposition 3 show that b is strictly increasing in T in the
entire domain of T , otherwise all borrowers would strictly prefer contracts with (lower T , higher
b). Hence, it is as if the subsidy program is implemented in terms of T , i.e., the loan is eligible for
the subsidy if its T ≤ TCLL and ineligible if T > TCLL.
The borrower’s preference still satisfies the SCP, so we can again replace the principal’s global
IC constraints by local IC constraints (ICFOC), and thus the bank’s problems for the strictly
conforming group and the jumbo group under the subsidy are similar to that in the benchmark
model, i.e., problem (9).34 The main difference is that now the bank not only needs the “no
within-group deviation conditions (ICFOC),” but also additional IC constraints to ensure there
are no “across-group deviations,” i.e., borrowers in one group do not have incentives to mimic any
other groups. It turns out that under the menu of the optimal contracts with subsidy, borrower’s
information rent U(θ) is continous and strictly increasing in θ. Hence, to ensure “no across-group
deviations,” it suffices to impose the following “no across-group downward deviation conditions:”
the strictly conforming group does not want to mimic the CLL group; the CLL group does not
want to mimic the jumbo group; and the jumbo group does not want to mimic the rejection group.
To summarize, under the subsidy, the menu of optimal contracts can be solved in two steps.
First, conditional on the three cutoff types (θ0, θ1, θ2) and the scheduled repayment of the CLL
group (TCLL), the bank designs a menu of contracts (b(θ), T (θ)) for the strictly conforming group
and the jumbo group, respectively, subject to “no within-group deviation conditions” (ICFOC)
and “no across-group downward deviation conditions.” Second, the bank chooses θ0, θ1, θ2 and
TCLL to maximize the total profits obtained from all groups.
The optimal contracts with subsidy can be obtained using a similar procedure as in Proposition
1 when there is no subsidy.35 Moreover, the properties of the optimal contracts, as well as the
intuition, are also similar to those without subsidy. In particular, the optimal interest rate R(θ)
with subsidy is still strictly decreasing in θ over the population of all approved borrowers, [θ0, θ¯],
although it is no longer continuous. For brevity, I do not provide the full characterization of the
optimal contracts; rather, I only focus on the effect of the subsidy on the optimal interest rate.
4.2 Positive analysis of subsidy for the strictly conforming group
Let a variable with a superscript Y and N be the object with and without subsidy, respectively.
We have the following lemma:
LEMMA 4: The introduction of the subsidy program strictly increases the equilibrium scheduled
repayment for the same borrower quality in the entire strictly conforming group, i.e., T Y (θ) >
34I will present the characterization of the model with subsidy by treating the contract as a DRC rather than a
tariff.
35We can use the optimal control techniques as in Kirk (2004, Pages 188-189) to derive the necessary conditions for
the Hamiltonian.
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TN(θ) for any given θ in (θ2, θ¯]. Moreover, it strictly increases the aggregate default rate in this
group.
PROOF: see Appendix E. Q.E.D.
The intuition is as follows. Because all loans in this group are conforming, the bank can claim
a subsidy from the government if the loan defaults. Hence, the subsidy directly raises the bank’s
marginal revenue (MR) of increasing the scheduled repayment T for a given borrower type, which
equals ΩT (T, θ, ω)+ 1−F (θ)f(θ) [−WθT (T, θ)]. However, the subsidy does not directly affect the marginal
cost (MC), which is the extra upfront loan amount paid to the borrower, b′(T ). This is because
borrower’s FOC implies that the MC, b′(T ), is just the borrower’s marginal disutility |WT (T, θ)|,
which is entirely determined by the borrower’s preference rather than the subsidy. Therefore, the
bank will increase T to intersect the uniformly higher MR curve with the fixed MC curve.
Note that for the same borrower, a higher repayment burden will result in a higher default risk.
By the Law of Large Numbers, it follows that the subsidy will result in a higher aggregate default
rate. This has an important financial stability implication, which will be discussed again later.
Based on Lemmas 3 and 4, we can establish the following proposition.
PROPOSITION 5: The introduction of the subsidy program strictly increases the equilibrium
interest rate for the same borrower quality in the entire strictly conforming group, i.e., RY (θ) >
RN(θ) for any given θ in (θ2, θ¯].
PROOF: see Appendix F. Q.E.D.
This proposition illustrates the key ideas in this paper. In contrast to the literature, this propo-
sition states that the mortgage subsidy program (done through the subsidized default insurance
by GSEs) does not lower the interest rate even for loans that are eligible for the subsidy. On the
contrary, the subsidy has actually raised the interest rate for the same borrower who borrows an
amount strictly below the CLL when the subsidy is present.
The intuition can be best understood in three steps:
Step 1: bank’s moral hazard. The subsidy increases the bank’s marginal revenue while keeping
the marginal cost unchanged, so it is optimal for the bank to expand business by increasing the
scheduled repayment T (and the loan size/household leverage b) for all types, as long as the loans
are still conforming. In other words, to take advantage of the underpriced mortgage insurance, the
bank will optimally want to take excessive risk. To this end, it intentionally generating more risk
through offering a higher future repayment burden T for each borrower.
Step 2: borrower’s “opportunistic” behavior. As T increases, the borrower understands that
he will be less likely to repay in period 1 and thus suffer less, so his marginal disutility becomes
lower. As a result, the borrower is also willing to accept the higher T .
Step 3: bank’s rent extraction behavior. To satisfy the IR and IC constraints as well as to max-
imize its profit, the bank only needs to compensate the borrower by a smaller percentage increase
in the upfront payment b, effectively charging a higher R ≡ T
b
after the subsidy is introduced.
All these behaviors are optimal from the individuals’ own perspectives (both the bank and the
borrower are trying to take advantage of the subsidy mechanism), but they will result in a higher
system-wide default rate, as discussed earlier in the paper.
Although these arguments are made in terms of T and b, we can state them equivalently in
terms of R and b. Specifically, although the bank understands that a higher R (accompanied by
a higher b) will lead to a higher default probability, the default insurance subsidy provides the
bank with a safety net, which induces the following asymmetric payoff structure to the bank: if
the borrower does not default at the higher interest rate R, the bank can get a higher profit from
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the higher interest payment; but even if the borrower does default at the higher R, the bank does
not have to assume all the loss due to the default insurance subsidy program. Hence, the bank
will optimally choose to raise R.
Note that the bank also has to design a higher b for the higher R in order to satisfy the
borrower’s participation constraint. This is stated in the following proposition:
PROPOSITION 6: The introduction of the subsidy program increases the leverage ratios of all
borrowers in the strictly conforming group. That is, bY (θ) > bN(θ) for any given θ in (θ2, θ¯].
PROOF: see Appendix G. Q.E.D.
This proposition has an important implication on financial stability. It implies that the sub-
sidy raises the leverage for the same borrower, which is consistent with the literature (e.g., Elenev,
Landvoigt, and Van Nieuwerburgh (2015)). The higher leverage makes the household more sus-
ceptible to adverse macroeconomic shocks, increases the (aggregate) default rate, and ultimately
undermines financial stability. Note that although the system is protected by the government
guarantee, a higher aggregate default rate still tends to weaken financial stability given the various
inefficiencies (e.g., fire sale) associated with a higher default rate.
4.3 Normative analysis of subsidy for the strictly conforming group
One may argue that since the subsidy increases the loan sizes of borrowers in the strictly conforming
group, and since the borrowers are allowed to default more frequently under the subsidy, their
welfare may still be higher under the subsidy. Regarding these arguments, we have the following
proposition:
PROPOSITION 7: The introduction of the subsidy program decreases the welfare of all bor-
rowers in the strictly conforming group. That is, UY (θ) < UN(θ) for any given θ in (θ2, θ¯].
PROOF: see Appendix H. Q.E.D.
The intuition is as follows. After the subsidy is introduced, the bank is less worried about
default, so it lends more aggressively by increasing the scheduled repayment of the mortgage,
which is just the face value of the bond if we treat the mortgage contract as a zero-coupon bond
explained earlier. This in turn makes the borrower more likely to default, so the marginal disutility
from the repayment becomes lower. Therefore, the bank only needs to give up a lower amount
of information rent to incentivize borrowers. Up to now, the intuition is exactly the same as
the reason why the subsidy increases interest rate. But information rent is the only surplus to
consumers in this model, so the consumer welfare will be lower with a higher subsidy.
These arguments show that under asymmetric information, the presence of subsidy enables the
bank to extract more information rent from the borrowers. Without the subsidy, the borrower’s
marginal disutility is relatively high, and the bank needs to give up more information rent to
incentivize borrowers to report their types truthfully. With the subsidy, the borrowers can default
more frequently (and the bank tolerates that), which lowers the borrower’s marginal disutility and
thus the borrower only demand for less information rent from the bank.
4.4 Jumbo-conforming spread
So far, this paper has answered the two research questions posed in the introduction. To check
if the results are simply due to the possibly unrealistic assumptions of the model, this subsection
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examines whether the model can generate the positive jumbo-conforming interest rate spread
observed in data. On this, we have the following proposition:
PROPOSITION 8: The interaction between the subsidy program and asymmetric informa-
tion generates a positive jumbo-conforming spread in the equilibrium interest rates. That is,
limθ↑θ1 RY (θ) > RY (θ1) ≡ RCLL.
The proof, provided in Appendix I, is similar to that of Proposition 4, which states that the
equilibrium interest rate R(θ) without the subsidy is continuous and strictly decreasing in the entire
domain [θ0, θ¯].36 But the main intuition of Proposition 8 is still similar to that of Proposition 4.
Specifically, to ensure that no borrower in the entire CLL group wants to mimic someone in the
jumbo group, the bank needs to ensure type θ1 (the lowest type in the CLL group) is indifferent
between taking his own contract (TCLL, CLL) and the contract designed for an arbitrarily lower
type θ−1 ≡ θ1 −  (the “highest” type in the jumbo group), (T−1 , b−1 ). In addition, borrower’s SCP
implies that the optimal T−1 designed for the lower quality θ−1 has a higher scheduled repayment
(face value or task). The higher T needs to be compensated by a higher b (bond price or wage),
but again because the marginal disutility of T becomes lower at a higher level of T , the bank only
has to increase the wage compensation by a smaller percentage than the task, so the average “wage
per task” b
T
is lower for θ−1 , i.e., the interest rate Tb is higher. As for the discontinuous jump, it
stems from the bank’s discontinuous adjustment of T (θ) at θ1 to account for the subsidy.
Importantly, this proposition implies that the observed jumbo-conforming spread is simply a
result of the incentive compatibility constraints associated with asymmetric information in my
model (despite the model’s unconventional results on interest rates), rather than an indication
that the subsidy has lowered the interest rates of conforming loans.
4.5 Effects of subsidy on interest rate: summary
The effects of the subsidy on all groups are summarized in Figure 8 and Figure 9. Note that the
θ0 with subsidy is equal to that without subsidy, hence the R(θ) plots with and without subsidy
start from the same point.37 Also, we do not need to distinguish between θY2 and θN2 because there
is no bunching when the subsidy is absent. Similarly for θY1 and θN1 .
36There are two differences: first, we need to ensure there is no across-group deviations; second, we need to deal
with the discontinuity of T (θ) at θ1 introduced by the subsidy, so we cannot directly use the elasticity argument
as in Lemma 2.
37This reflects the fact that my paper focuses on the intensive margin rather than the extensive margin. The proof
of this is provided in Appendix J. The intuition is as follows: b and θ are inversely related in this model, so all
loans in the neighborhood around θ0 are jumbo loans and are ineligible for the subsidy. Therefore, when the
bank makes the decision of decreasing or increasing θ0 by , the bank cannot get the subsidy from loans in the
neighborhood of θ0 anyway, so the introduction of the subsidy has no effect on the bank’s optimality condition
for choosing θ0, hence no effect on the equilibrium θ0. Appendix J also shows that the subsidy increases both the
loan size (household leverage) b and interest rate R in the jumbo group (for approved borrowers).
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Figure 8: Optimal R(θ) schedule with and without subsidy.
b is the loan size, R is the gross interest rate, and θ is the unobservable quality index of the borrower.
The superscript Y and N means with and without subsidy, respectively. The straight line on the
bottom is the equilibrium in the counterfactual case without subsidy.
Figure 9: Optimal R-b schedule with and without subsidy.
b is the loan size, R is the gross interest rate, and θ is the unobservable quality index of the borrower.
The superscript Y and N means with and without subsidy, respectively. The straight line on the
bottom is the equilibrium in the counterfactual case without subsidy.
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As indicated by the northeast arrow in the left bottom of Figure 9, the introduction of the
subsidy increases both the loan size and the interest rate for any given borrower quality θ until
a cutoff type θ2 (the “strictly conforming group”). Borrowers who would borrow loans of sizes
around CLL in the absence of the subsidy all “bunch” to borrow the same amount CLL at the
same interest rate after the subsidy is introduced. And borrowers who would borrow an amount
sufficiently larger than CLL in the absence of the subsidy are also affected in a similar way as the
strictly conforming group, that is, both their loan amounts and interest rates are higher under the
subsidy. Importantly, under the optimal contracts with subsidy, borrowers’ incentive compatibility
constraints imply that loans just above the CLL should still have higher interest rates than loans
just below the CLL, otherwise type θ1 will deviate from his own contract and take instead the
contract with a loan size just above the CLL, because doing so allows him to take a strictly
larger loan size at a strictly lower interest rate. Hence, the observed jumbo-conforming spread
is not necessarily an indication that the subsidy benefits conforming borrowers via interest rate
reductions.
5 Conclusion
In this paper, I evaluate the effectiveness of the government subsidy done through the mortgage
default insurance by the GSEs. I do so both empirically and theoretically. On the empirical front,
I show that the supporting evidence for the conventional wisdom is subject to an endogeneity
problem: the subsidy policy is implemented in terms of the loan size, which is endogenously
chosen by the borrower and thus is affected by the subsidy policy. To circumvent this problem, I
use the variation in interest rates generated by a mandate issued by U.S. Congress, the “special
affordable goal” targeted at relatively poor borrowers. Since this mandate is implemented in terms
of borrowers’ incomes, which are unlikely to be manipulated by borrowers of GSE-insured loans,
my empirical strategy provides a relatively clean way to identify the causal effect of the subsidy
on interest rates. Using this strategy, I find that among the conforming loans, those with a
discontinuously higher ex ante probability to receive the subsidy also have discontinuously higher
interest rates, which implies that the subsidy has raised mortgage interest rates of conforming
loans. Using various time-to-default models, I also show that the subsidy raises mortgage default
rates, which serves as auxiliary supporting evidence for my model’s predictions.
On the theoretical front, I propose a monopolistic screening model with asymmetric information
to explain my seemingly counterintuitive empirical result, as well as to shed light on the welfare
implications of the subsidy. My model illustrates that the bank’s moral hazard problem is the key
channel through which the subsidy has raised mortgage interest rates for conforming borrowers.
Importantly, exactly because the subsidy allows the bank to more aggressively “exploit” borrowers
by charging higher interest rates, the welfare of borrowers will be lower after the subsidy is intro-
duced. This is true even if we do not consider the fact that borrowers have to pay higher taxes to
finance the subsidy. In addition, consistent with conventional wisdom and my auxiliary empirical
result, the model predicts that the subsidy induces borrowers to default more frequently, which
threatens the financial stability.
There are two avenues for future research. On the empirical front, future work can apply the
empirical strategies used in this paper to more detailed data so as to mitigate the measurement
error problem. On the theoretical front, future work can extend the model to an oligopolistic case
to explicitly examine the impacts of the subsidy under competition.
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Appendices
Appendix A: Proof of Proposition 1
PROOF: The proof is standard, once we reformulate the contract menu as (T, b(T )) instead of
(b, T (b)), as explained in the text. The specific proof is as follows.
First, eliminate the transfer from borrower’s problem as b = −W (T, θ) + U(θ).
Second, simplify the bank’s problem to a pointwise problem. Plugging b into bank’s objective





[W (T (θ), θ)− U(θ) + Ω(T (θ), θ, 0)]f(θ)dθ (14)
subject to the same IR and ICFOC as in problem (9).














F (θ)Wθ(T (θ), θ)dθ,
where the last equality uses the differential version of the ICFOC.
Evaluate the ICFOC at θ = θ¯, and we have U(θ¯) =
 θ¯
θ0






Wτ (T (τ), τ)dτ −
 θ¯
θ0




Wθ(T (θ), θ)dθ −
 θ¯
θ0









f(θ) Wθ(T (θ), θ)f(θ)dθ
Plugging into the bank’s objective function, we can simplify the bank’s problem as choosing





[W (T (θ), θ) + Ω(T (θ), θ, 0)− 1− F (θ)
f(θ) Wθ(T (θ), θ)]f(θ)dθ
This problem is equivalent to the following pointwise maximization problem:
max
T (.)
W (T (θ), θ) + Ω(T (θ), θ, 0)− 1− F (θ)
f(θ) Wθ(T (θ), θ)
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The above simplified objective function has the standard interpretation: W (T (θ), θ)+Ω(T (θ), θ, 0)
represents the social surplus of offering a type-θ contract in case of perfect information. However,
the presence of information asymmetry requires the bank to give up a certain amount of informa-
tion rent to the borrower: Wθ(T (θ), θ) is the amount the bank has to give up to each of the types
higher than θ, and there are 1−F (θ)
f(θ) of such types (relative to type-θ borrowers).
The third step is to take the derivative with respect to T (θ). Hence, we have
WT (T, θ) + ΩT (T, θ, 0)− 1− F (θ)
f(θ) WθT (T, θ) = 0,
which is the rearranged version of equation (10) in Proposition 1. To ensure the above FOC
corresponds to a maxima rather than a minima, we need the SOC as specified in Proposition 1.
Once we solve for T (θ) from equation (10), we can then plug into the ICFOC to get the
equilibrium information rent U(θ), as given by equation (11) in Proposition 1. Finally, we can use
the defintion of U(θ) to get b(θ) = −W [T (θ), θ] + U(θ), and then R(θ) = T (θ)
b(θ) . Q.E.D.
Appendix B: Proof of Proposition 3
PROOF: Proposition 1 shows that the optimal compensation
b(θ) = −W (T (θ), θ) + U(θ) = −W (T (θ), θ) +
 θ
θ0
Wτ (T (τ), τ)dτ
so
b
′(θ) = −WT (T (θ), θ)T ′(θ)−Wθ(T (θ), θ) +Wθ(T (θ), θ) = −WT (T (θ), θ)T ′(θ)
Using WT (T (θ), θ) < 0 and T
′(θ) < 0, we have b′(θ) < 0. Q.E.D.










= −WT (T, θ) by the FOC of the borrower, it sufficies to show Tb(T ) [−WT (T, θ)] < 1,
or
b(T ) > −TWT (T, θ) (16)





]dx. Using b(0) = 0 and the borrower’s FOC db(x)
dx
=
−WT (x, θ), we have
b(T ) = 0 +
 T
0
[−WT (x, θ)]dx = −[W (T, θ)−W (0, θ)] (17)
Using (17), we can rewrite (16) as
−[W (T, θ)−W (0, θ)] > −TWT (T, θ)
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Or,
W (T, θ)−W (0, θ)
T − 0 < WT (T, θ) (18)
Note that the LHS of (18) is the slope of the secant line between two points (T, W (T, θ)) and
(0, W (0, θ)), and the RHS is the slope of the tangent line passing through the point (T, W (T, θ)).
Recall that WT (T, θ) = −β[1−G(p¯1)] < 0, so




This establishes that for any given θ ∈ [θ, θ¯],W (T, θ) is a strictly decreasing and strictly convex
function in T ∈ [0,+∞). By the mathematical property of such a function, (18) holds (illustrated
in Figure 10), and thus (15) holds.
Figure 10: Strict convexity of W function.
Hence, the elasticity of b with respect to T is strictly less than 1 for any optimal contract.
Q.E.D.
Appendix D: Proof of Proposition 4
PROOF: The continuity of R(θ) is clear.




> R(θ) ≡ T
b








where θ− ≡ θ −  for any  > 0, T− ≡ T (θ−), b− ≡ b(θ−), T ≡ T (θ) and b ≡ b(θ).
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By the indifference condition (i.e., the incentive compatibility condition) of type θ: W (T, θ) +
b = W (T−, θ) + b−, or,
b− = b− [W (T−, θ)−W (T, θ)] (20)
The intuition of equation (20) is that the compensation for type θ − , b−, should be larger than
that for type θ by the difference in the two types’ disutilities from their “tasks.”
Plugging equation (20) into (19), (19) becomes





Subtract 1 from both sides:
−W (T





Since T− − T > 0 by the SCP, (19) becomes
−W (T
−, θ)−W (T, θ)




As in the proof of Lemma 2, we can rewrite b as
b(T ) = 0 +
 T
0
[−WT (x, θ)]dx = −[W (T, θ)−W (0, θ)]
Plugging into (21), we get
−W (T
−, θ)−W (T, θ)
T− − T < −
W (T, θ)−W (0, θ)
T − 0 (22)
The LHS of (22) is the absolute value of the slope of the secant line between two points
(T−, W (T−, θ)) and (T, W (T, θ)) which are very close to each other; the RHS is the absolute
value of the slope of the secant line between two points (T, W (T, θ)) and (0, W (0, θ)). Since
W (T, θ) is strictly decreasing and strictly convex in T (see the proof of Lemma 2), (22) and thus
(19) hold. Q.E.D.
Appendix E: Proof of Lemma 4
PROOF:
For any given θ ∈ (θ2, θ¯] (in the strictly conforming group), the bank will choose T (θ) according
to:
−WT (T, θ) = ΩT (T, θ, ω) + 1− F (θ)
f(θ) [−WθT (T, θ)]
Taking total derivatives with respect to ω on both sides for a given θ:
−WTT (T, θ)dT
dω
= ΩTT (T, θ, ω)
dT
dω
+ ΩTω(T, θ, ω) +
1− F (θ)






= ΩTω(T, θ, ω)−WTT (T, θ)− ΩTT (T, θ, ω) + 1−F (θ)f(θ) WθTT (T, θ)
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By Assumption (7) in the text, we have ΩTω(T, θ, ω) > 0, which is not a restrictive assumption
because it is the key feature of the subsidy program considered in the paper.
That the denominator of dT
dω
being positive is just the SOC of the bank when designing the
optimal contract. To make the analysis of optimal contracts meaningful, it is assumed to be
satisfied, as in Proposition 1. Hence, dT
dω
> 0. Q.E.D.
Appendix F: Proof of Proposition 5
It suffices to show dR(θ)
dω






























> 0 for all θ2 < θ ≤ θ¯ and all 0 ≤ ω ≤ 1. Q.E.D.
Appendix G: Proof of Proposition 6
It suffices to show db(θ)
dω









Secondly, note that db
dT
= −WT (T, θ) > 0, and dTdω > 0 (by Proposition 5), we have dbdω > 0. Q.E.D.
Appendix H: Proof of Proposition 7
The welfare of type θ in the strictly conforming group is just the information rent U(θ), which is
given by
U(θ) = U(θ0) +
 θ
θ0
Wτ (T (τ), τ)dτ =
 θ
θ0
Wτ (T (τ), τ)dτ, ∀θ ∈ (θ2, θ¯]
where Wτ (T, τ) = ∂U(τ)∂τ = β[1−G(p¯1(T, τ))]× 1 > 0 is the information rent to a borrower of type
τ .
Note that although the presence of the subsidy introduces a discontinuity to the schedule of
T (.), b(.) and R(.), we can still use the above formula for the information rent. The reason is
that the schdule of U(.) is still continuous in θ despite the presence of the subsidy. This is in turn
because the bank will always re-design the contract menu to eliminate any discontinuous jump in
U(.) in order to extract the consumer rents as much as possible. In other words, the standard
“smooth pasting” argument applies.
Using dθ0
dω






WτT (T (τ), τ)
dT (τ)
dω
dτ, ∀θ ∈ (θ2, θ¯]
Since WτT (T (τ), τ) < 0 and dT (τ)dω > 0, we have
dU(θ)
dω
< 0, ∀θ ∈ (θ2, θ¯]. Q.E.D.
Appendix I: Proof of Proposition 8
PROOF: The proof is analogous to that of Proposition 4 as in Appendix D. We only need to
replace θ by θ1, θ− by θ−1 ; accordingly, replace T by TCLL and b by CLL. Q.E.D.
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Appendix J: Effect of subsidy for jumbo group
First, we can show that T (θ1− ) (where  > 0 is an arbitrarily small number) must increase as the
subsidy is introduced. This can be established by the incentive compatibility condition of θ1 − 
between his own contract (b(θ1 − ), T (θ1 − )) and θ′1s contract (CLL, TCLL).
Second, by the continuity and monotonicity of T (θ) in [θ0, θ1), we can establish that
T Y (θ) > TN(θ), ∀[θ0, θ1).
Third, by the monotonicity of b(T ) schedule, we have
bY (θ) > bN(θ), ∀[θ0, θ1).
Moreover, by Lemma 2, T must increase faster than b, so we have
RY (θ) > RN(θ), ∀[θ0, θ1).
The rest of this appendix is devoted to the discussion of θ0. Since the bank is monopolistic
and is very likely to earn a positive total profit in equilibrium, we should pin down the lending
threshold θ0 by using the FOC with respect to θ0, rather than the zero-profit condition of the bank
(in terms of its total profit). Note that the reason why there is an FOC with respect to θ0 is that
the bank still needs to choose the value of θ0 subject to all borrowers’ IRs and ICs, including both
within-group and across-group ICs.
Specifically, under the subsidy, the FOC for θ0 is
[Ω(T0, θ0, 0) +W (T0, θ0)]f(θ0) = Wθ(T0, θ0)[1− F (θ0)] (23)
where the LHS is again the marginal benefit through expanding the customer base by marginally
decreasing θ0: the bank obtains a profit of Ω(T0, θ0, 0)−b(T0)= Ω(T0, θ0, 0)+W (T0, θ0) from each θ0
(using U(θ0) = b(T0) +W (T0, θ0) = 0), and there are f(θ0) of them. The RHS is the marginal cost
of decreasing θ0: a lower θ0 means all higher types will have more contracts to mimic, so the bank
has to give up more information rents to all existing customers to ensure incentive compatibility.
Importantly, it is Ω(T0, θ0, 0) rather than Ω(T0, θ0, ω) that enters equation (23). This is because
all loans of types in the neighborhood of θ0 are of size larger than the CLL, and thus ineligible
for the subsidy. When the bank makes the decision of decreasing or increasing θ0 by , the bank
cannot get any subsidy from loans in the neighborhood of θ0, so the subsidy does not affect the
optimality condition of choosing θ0, equation (23).
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